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Abstract

When formulated as an impulse control problem, the no-arbitrage pricing of Guaranteed Minimum
Withdrawal Benefit contracts with continuous withdrawals results in a Hamilton-Jacobi-Bellman
Quasi-Variational Inequality (HIJB-QVI), which must be solved numerically. In this paper, using
an associated Green’s function, we develop a numerical Fourier method which is only monotone
within a tolerance € > 0 to solve the above HIB-QVI under jump-diffusion dynamics. We appeal to a
Barles-Souganidis-type analysis in [14], which is originally developed for strictly monotone scheme, to
rigorously prove the convergence of our scheme to the viscosity solution of the HJB-QVI as ¢ — 0. Ex-
tensive numerical experiments demonstrate an excellent agreement with benchmark results obtained
by finite difference methods and Monte Carlo simulation.

Keywords: Variable annuities, guaranteed minimum withdrawal benefit, impulse control, HJB equa-
tion, Fourier series, viscosity solution, monotonicity

AMS Classification 65N06, 93C20

1 Introduction

In a continuous withdrawal setting, the no-arbitrage pricing problem of Guaranteed Minimum With-
drawal Benefit (GMWB) contracts can be formulated using either impulse control or singular control,
typically resulting in an Hamilton-Jacobi-Bellman Quasi-Variational Inequality (HIJB-QVI). This HIJB-
QVI must be solved numerically, since a closed-form solution for it is not known to exist. The reader
is referred to [15, 24, 40, 41, 42, 54] and [7, 19, 20] for an analysis of singular control and impulse con-
trol formulations, respectively. Generally speaking, the impulse control approach is suitable for many
complex situations in stochastic optimal control [3, 8, 16, 25, 31, 37, 46, 57, 64]. For GMWB contracts,
impulse control is more convenient than singular control in handling complex contract features, such as
is the reset provision|[1, 24, 26, 38, 54, 67].

Provable convergence of numerical methods for HJB equations are typically built upon the framework
established by Barles and Souganidis in [14]. This framework requires numerical methods to be (i) mono-
tone (in the viscosity sense), (ii) stable, and (iii) consistent. Among these requirements, monotonicity
is often the most challenging to achieve, and consistency in the viscosity sense is usually the most diffi-
cult to prove theoretically, especially for equations with complex boundary conditions. Non-monotone
schemes could produce numerical solutions that fail to converge to viscosity solutions, resulting in a
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Research Council (ARC), and an Australian Government Research Training Program (RTP) Scholarship.
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violation of the no-arbitrage principle [55, 59, 68]. When a finite difference method is used, monotonicity
is ensured by a positive coefficient discretization method [34, 52, 59, 66].! In the context of pricing
GMWRB contracts with continuous withdrawal, convergence of finite difference scheme to the viscosity
solution of the associated HIB-QVI is studied in great detail in [19, 20, 24, 40, 41, 42].

Pricing GMWB contracts with discrete withdrawals typically involves solving, between fixed inter-
vention times, either (i) an associated linear Partial-Integro Differential Equation (PIDE) using finite
differences [19, 24], or (ii) an expectation problem using numerical integration [1, 15, 44, 45, 51, 62],
or regression-type Monte Carlo [9, 43]. Across intervention times, an optimization problem needs to
be solved. Numerical integration Fourier-based methods often depend on the availability of a closed-
form expression of the Fourier transform of the underlying transition density function or an associated
Green’s function [1, 45]. It is well-known that, if applicable, Fourier-based methods offer several im-
portant advantages over finite differences, such as no timestepping error between intervention times,
and the capability of straightforward handling of realistic underlying dynamics, such as jump diffusion
and regime-switching. However, a major drawback of existing Fourier-based methods is their lack of
strict monotonicity. This issue is particularly problematic in the context of stochastic optimal control
in general where optimal decisions are determined by comparing numerically computed value functions.
Furthermore, another challenge with Fourier-based methods is potential wraparound contamination in
numerical solutions. This matter is also crucial to stochastic optimal control problems, especially to
impulse control formulations, due to the non-local nature of impulses. To the best of our knowledge,
both of these deficiencies of Fourier-based methods have not been addressed adequately in the impulse
control literature. The reader is referred to [18, 23, 33, 49, 50] for analysis of error bounds, and [1, 45]
for zero padding techniques in GMWB pricing.

The main focus of this paper is the development of a provably convergent Fourier method to tackle
the challenging HJB-QVTI arising from an impulse control formulation of GMWB contracts under jump-
diffusion dynamics. Major contributions of the paper are as follows.

e We propose the pricing problem of GMWB contracts with continuous withdrawals under jump-
diffusion dynamics [47, 53] as an HJB-QVI posed on an infinite definition domain consisting of a
finite interior and infinite boundary sub-domains with appropriate boundary conditions.

e Using the Green’s function of an associated PIDE, we study proper truncation of boundary sub-
domains to ensure loss of information is negligible. We then develop a Fourier scheme which is
monotone within a tolerance € > 0 to solve the above HJB-QVI on a finite computational domain.
Under a suitable growth condition, the scheme is shown to be f.-stable and consistent in the
viscosity sense with respect to the HJB-QVI defined on the infinite domain.

e We propose an efficient implementation of the scheme via Fast Fourier Transform, including a
proper handling of boundary conditions and padding techniques. We mathematically prove that
our padding techniques, whilst simple, can effectively control wraparound errors in the numerical
solutions.

e We prove a strong comparison principle result for the finite interior sub-domain and parts of its
boundary. We then appeal to a Barles-Souganidis-type analysis in [14], to rigorously prove the
convergence of our scheme the unique viscosity solution of the HJB-QVI as the discretization
parameter and the monotonicity tolerance € approach zero.

e Numerical experiments confirm excellent agreement with benchmark results obtained by finite dif-
ference methods and Monte Carlo simulation, as well as the robustness of the proposed e-monotone
Fourier method. Through experiments, we also numerically show that inadequate treatments of

When dealing with cross derivative terms, a wide-stencil method based on a local coordinate rotation can be used to
construct monotone finite difference schemes [28, 52, 52]; however, this could be computationally expensive.
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padding areas could significantly contaminate the numerical solutions of the impulse control for-
mulation.

Although we focus specifically on GMWB, our comprehensive and systematic approach could serve as a
numerical and convergence analysis framework for the development of similar weakly monotone methods
for HIJB-QVIs arising from impulse control problems in finance.

2 Underlying processes

This section briefly reviews the impulse control formulation [7, 19, 20] and introduces the notation to
be used in this paper. We respectively denote by Z(t) and A(t) the balance of the personal sub-account
and of the guarantee account at time ¢, t € [0,7], where 7' > 0 is a fixed investment horizon. Let z
be the up-front premium to the insurer, which is placed in the personal account at the inception of the
contract, hence Z(0) = zp. The policy guarantees that the sum of withdrawals throughout the policy’s
life is equal to the premium, hence A(0) = z¢. For subsequent use, let t~ =t — &, where ¢ |, 0T.

Roughly speaking, the holder of the policy can either (i) withdraw continuously at a rate determined
by the holder, or (ii) withdraw specific amounts at specific times, both determined by the holder, subject
to a penalty charge imposed by the insurer. Regarding (i), as almost all policies with a GMWB have
a cap on the maximum allowed continuous withdrawal rate without penalty [24], we let C, be such a
contractual (continuous) withdrawal rate. For (ii), withdrawing a finite amount is subject to a penalty
charge proportional to the withdrawal amount as well as a strictly positive fixed cost. We let u < 1 be
the positive penalty rate, and ¢ be the positive fixed cost.

Under an impulse control framework [46, 57|, the time-¢ control for the holder consists of (i) a con-
tinuous control 4(t), 4(t) € [0, C;], representing continuous withdrawal rate, and (ii) an impulse control
{(t*,¥*)}x<x, K < oo, representing intervention times {t*};<x and associated impulses {v*} 1<z, where
each t* corresponds to a time at which the holder instantaneously withdraws a finite amount, and ~*,
7% € [0, A(t*7)], corresponds to the withdrawal amount at that time. Here, {t*}1<x is any sequence of
(F;)-stopping times satisfying 0 < ¢ <! <2 < ... <& < T, and {y*};<x is a corresponding sequence
of random variables with each +* being of F,x-measurable for all t*. Due to penalty charge, the net
revenue cash flow provided to the policy holder at time t* is (1 — pu)y* — c.

As shown in [24], the dynamics of A(t) are given by

dA(t) = —At)lpagsndt, for t#t5, k=1,2,... K,
Alt) = A{t)—~F, for t=tF k=1,2..., K. (2.1)
The dynamics of Z(t) are assumed to follow
7(t)
dz(t .
Z((t)) = (r=B=Ar)dt+odW(t)+d > (i—1) | =4 1z0,40 019,
i=1
for t£t¢, k=1,2,... K,
Z(t) = max(Z(t_)—yk,O), for t=t" k=1,2,... K. (2.2)

In (2.2), W(t) denotes a standard Wiener process, r > 0 and ¢ > 0 are the risk-free rate and volatility,
respectively, § is the proportional annual insurance rate paid by the policy holder, and x (¢) is a Poisson
process with intensity A > 0. Denote by 1 the random number representing the jump multiplier, and
k = E [¢p — 1] with E[] being the expectation operator. Finally, ; are i.i.d. random variables having the
same distribution as ¢ with v;, 7 (t) and W (¢) assumed to all be mutually independent. The mean and
variance of ¢ are assumed to be finite.

As a specific example for dynamics (2.2), we consider two jump distributions for v, namely the log-
normal distribution [53] and the log-double-exponential distribution [47]. Let b(y) be the density of In .
In the first case, In is normally distributed with mean v and standard deviation ¢, with b(y) given by

b(y) = : 127T exp {_@2@)} . (2.3)

3
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In the latter case, In1 has an asymmetric double-exponential distribution, with b(y) given by

b(y) = pume” ™10y + (1 — pu) n2e™Y 103 (2.4)
Here, p,, € [0,1], 71 > 1 and 12 > 0. Given that a jump occurs, p, is the probability of an upward jump,
and (1 — p,) is the probability of a downward jump.

3 Impulse control formulation

For the controlled processes (Z(t), A(t)), t € [0,T1], let (z,a) be the state of the system. We denote by
u(z, a,t) the time-t no-arbitrage price of a variable annuity with a GMWB when Z(t) = z and A(¢) = a.
Using dynamic programming, u(z, a,t) is shown to satisfy the impulse control formulation [4, 19]

min{ —uy—Lu—TJu— sup A (1 — Uzl s0) — ua) 1ia>0}s

Ye[0,Cy]
we s (e =000+ (- d =0 (3)
where (z,a,t) € [0,00) X [amin, am:i][ ;j] [0,T). Here, amin = 0 and amax = 20 and
L'u(z,a,t) = 02;21122 +(r=Xe—=PB)zu, — (r+Nu, Ju(za,t)= )\/Oo u(ze,a,7)b(y) dy, (3.2)

with b(-) being the probability density function of Int. We note that the fixed cost ¢ is introduced as a
technical tool to ensure uniqueness of the impulse formulation, as commonly done in the impulse control
literature [57, 58, 65].

Let 7 = T'—t, and for z > 0, we apply the change of variable w = In(z) € (—00,0). Let x = (w, a, ),
and denote by v(x) = v(w,a,7) = u(e®,a,T —t). Since log(-) is undefined at zero, in (3.1), under the
log-transformation in z, the term max(u — ,0) becomes In (max (¥ — ,e">)) for a finite w., < 0.
With these in mind, formulation (3.1) becomes

min {’UT —Lv—Jv— sup ¥ (1 —e Py — Ua) 1{a>0}7

7€[0,Cr]
v— sup [v(ln(max (¥ —~v,e"®)),a—7,7)+ (1 —pu)y—( } =0, (3.3)
where (w,a,7) € Q* = (—ZEOQ) X [@mins Gmax) X [0,T), and L(-) and J(-) are defined by
Lo (x) = jfuww + (r— ;2 — Ak = Buy — (r+Nv,  Jv(x) = /\/Z v(w+y,a,7) b(y) dy. (3.4

3.1 Localization

Under the log transformation, the GBMW formulation (3.3) is posed on the infinite domain . For
the problem statement and convergence analysis of numerical schemes, we define a localized GMWB
impulse formulation. To this end, with wyin < 0 < Wpax, |Wmin| and wmax sufficiently large, we define
the following sub-domains:

Q= (—00,00) X [@min, Gmax] X {0}, a?anm =z
Wenax = [Wmax, 00) X [@min, Gmax) % (0,77,
o = (—00, Wnin] X (@min, @max] X (0, T, o= o .
Qq, .. = (Wmin, Wmax) X {@min} x (0,77, (3.5) min max
Qan.. = (=00, Wimin] X {@min} % (0,77,
o = 0\ 05\ 2\ Vi, \ s\ Qo |
0 = Qi U (Wmins Wimax) X [@min, Gmax] X {0} _ W v Wonox

“min

U {wminawmax} X [amin;amax] X [07T]
FIGURE 3.1: Spatial computational do-

An illustration of the sub-domains for the localized .
main at each T.

problem is given in Figure 3.1.
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We now present equations for sub-domains defined in (3.5). We note that boundary conditions for
T —0, w— —00, w — 00, and a — anpin are obtained by relevant asymptotic forms of the HIB-QVI
(3.1) when t - T, z — 0, 2 — 00, and a@ — amin, respectively, similar to [19, 24]. We also note that the
initial and boundary solutions in Q3 and €~ may grow unbounded as w — oco. Therefore, to ensure

boundedness of numerical solutions in the interior sub-domains €, U Q where convergence to the

Gmin?

unique viscosity solution is studied, we require the initial and boundary solutions in 2% and € to
be bounded as w — oo. This is detailed below.

e For (w,a,T) € Qy, we have (3.3).

e For (w,a,7) €

~, we use the initial condition v(w, a,0) = max(e", (1 — pu)a —c) Ae”> for a finite

Wao > Winax, where x Ay = min(z,y).

e For (w,a,7) € Q2

Wmax’

according to [24], the withdrawal guarantee becomes insignificant for w suf-
ficiently large. As suggested in [40], the exact boundary condition at point (w,a,7) € Q

is v(w,a,7) = e PTe? (1 +0 (“2“%)) Therefore, following [24, 40], in €, we impose the
(bounded) Dirichlet-type boundary condition

v=ePT(e¥ Aev). (3.6)

We note that the theoretical quantity w,, is needed to indicate that the solutions Q3 and €27
are bounded as w — oo, and it does not need to be numerically specified. It is possible to relax
this boundedness requirement to an exponential growth via a simple change of variable (see, for

example, [32][Remark 3.7]).

e Asw — —00, z=¢" — 0. Set z=01n (3.1), and then transform back to the w = In z coordinates
to obtain

mind v, 70— sup 41— 00) Lasoy v— sup [o(w,a—7,7) + (L)~ p =0 (37)
’?6[0707-] ’76[070’]

Further justification of this boundary condition is given in [24]. We use the boundary condition

(3.7) for point (w,a,7) € 2, . This is essentially a Dirichlet boundary condition since it can be

solved independently without using any information other than from

Wmin

e For (w,a,7) € Q
can be solved independently without using any information other than at a = 0.

the impulse formulation becomes the linear PDE v, — Lv — Jv = 0 which

Qmin

e For (w,a,T) € Q0 (3.7) becomes v, +rv = 0.2

Wamin’

Note that no further information is needed along the boundary a = amax due to the hyperbolic nature
of the variable a in the HJB-QVI (3.1).

3.2 Compact representation

We now write the GMWB pricing problem in a compact form, which includes the terminal and boundary
conditions in a single equation. We define the intervention operator

v(w,a —v,7)+v(1—p)—c xey (3.8a)
M()v(x) = w w.
v (In(max(e” — v, <)), a—v,7) +v(1 —p) —c x € Qyy. (3.8b)
With x = (w, a,7), we let Dv(x) = (Vy, Va, v7) and D?v(X) = vy, and define
Fox (x,0) = Fox (X7 v(x), DU(X)v DQ,U(X)7 Jv(x), MU(X)) ) (3.9)

*There exists a unique viscosity solution in {3 . UQs, .} \ {Wmin} X [amin, amax] x (0, 7] (see [10, 63]).

Wmin
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=

4

where

4€(0,Cv]

vy TV — sup ’Ay(l—va)l{a>o}7 v =

’A}/E[O,C»,-]

E, (x,v) =
Famln (x7 U) = Famin
F = F, .
FQ% (x7 ’U) _ Wmin (X, U) B w
Fwamln (X7 U) =
meax (X7 'U) = Fw
( Fry (x,v) =
with operators
F, (x,v) = min
F, .. x,v) = v, —Lv—Jv,
Fu,,, (x,v) = min
Fya, ., (x,0) = v +rv,
meax (X7 U) v = eiﬁT (ew /\ ewoc)7
F,, (x,v) = v—max(e’,(1—p)a—c)Ae

Woo

~v€[0,a]

ve—Lo—=Jv— sup (1= e "0 — va) L{aso}, V=

sup M(7)v

X € Qin7
X € Qdmin’
x € Q2

Wmin

x € Qx

Wamin’

x € Q

Wmax?

x € Qx

70’

)

sup M(v)vl

v€[0,a]

|

(3.10)
(3.11)
(3.12)

(3.13)
(3.14)
(3.15)

Definition 3.1 (Impulse control GMWB pricing problem). The pricing problem for the GMWDB under

an impulse control formulation is defined as

where the operator Fo~(-) is defined in (3.9).

Fox (X,U(X),D’U(X),DQU(X),jU(X),M’U(X)) = 0,

(3.16)

We note that F~ is discontinuous [11, 14] since we include boundary equations in Fg~, which are

in general not the limit of the equations from the interior.

Next, we recall the notions of the upper semicontinuous (u.s.c. in short) and the lower semicontinuous

(Ls.c. in short) envelops of a function u : X — R, where X is a closed subset of R™. They are respectively

denoted by u*(-) (for the u.s.c. envelop) and u. () (for the l.s.c. envelop), and are given by

u*(X) = lim sup u(x)

x—X
x,xeX

(resp.

ux(X) = lim inf u(x)).

X—X
x,XeX

In general, the solution to impulse control problems are non-smooth, and we seek the viscosity
solution of (3.16) [27, 39, 61]. To this end, let G(£2*) be the set of bounded functions defined by [13, 61]

G() = {u O SR,

sup

xeN>®

)] < o0

(3.17)

Definition 3.2 (Viscosity solution of equation (3.16)). (i) A locally bounded function v € G(2*) is a
viscosity subsolution (resp. supersolution) of (3.16) in Q> if for all test function ¢ € G(Q2*) N C*(2*)
and for all points X € O such that v* — ¢ has a global maximum on Q* at X and v*(X) = ¢(X) (resp.

vy — ¢ has a global minimum on Q* at X and v«(X) = ¢(X)), we have

where the operator Fo~(-) is defined in (3.9).

(ii) A locally bounded function v € G() is a viscosity solution of (3.16) in QU Qg
viscosity subsolution and a viscosity supersolution in ;, U

(resp.

(Fox), (%, 6(%), Do(%), D*¢(

b3

), T (%), M(%))

(Fox)" (%, ¢(%), Dp(%), D*$(%), T (%), Mo(%))

Gmin *

AVARRVAN

(3.18)

ifvisa



215

216

217

218

219

220

221

222

223

224

225

226

227

228

229

230

231

232

233

234

236

237

238

239

240

241

242

243

244

245

246

247

248

249

250

251

252

253

254

Remark 3.1 (Equivalent definitions). In the existing literature, there are several equivalent definitions of
viscosity solution for HIB-QVIs arising from general impulse control problems [27, 61]. Here, equivalence
between two different definitions of viscosity solution means that a subsolution (resp. supersolution) in
the sense of one definition is also a subsolution (resp. supersolution) in the sense of the other. For
exzample, in Definition 3.2 (i), it is possible to replace ¢ € G(2°) NC=(2™) by ¢ € G(=) NC3(Q~) [12].
It is also possible to replace ¢p(X) by v*(X) (resp. vi(X)) in the non-local terms J(-) and M(-), as these
terms contain no partial derivatives [27]. For the GMWB pricing problem as given in (3.16), equivalence
between these definitions can be established (see Appendix B). For the purpose of verifying consistency
of a numerical scheme, it is convenient to use Definition 3.2.

Remark 3.2 (Strong comparison result and convergence region). Using an equivalent definition of
viscosity solution, we can show that the GMWB pricing problem as given in (3.16) satisfies a strong
C Oy, (see Appendix B). That is, if ui(x) and
of (3.16), then uy(x) < ua(x) for all

x € Q;, UQ, . . Hence, a unique continuous viscosity solution exists in €2;, U )

comparison principle result in ;, U where )

Qmin’? Gmin

ug(x) respectively are subsolution and supersolution in ;, UQy, .
Gmin *

In general, we cannot hope for a continuous solution to the GMWB problem (3.16) on all the boundary
I'=0Q;\Q

w = {Wnin, Wmax} [40, 58, 65]. However, these problematic parts of I are trivial in the sense that

a5 1t 18 possible that loss of boundary data can occur over parts of I', i.e. as 7 — 0 and
either the boundary data is used or is irrelevant. In all cases, we consider the computed solution as the
limiting value approaching I' from the interior.

4 Numerical methods

The GMWB pricing problem as given in (3.16) is still posed in an infinite domain, due to the infinite
boundary sub-domains in w. For computational purposes, we need to truncate these infinite sub-domains
into finite ones. For the purpose of proving convergence, we also need to make sure that the boundary
truncation error, i.e. loss of information in the boundary due to this truncation, vanish sufficiently fast
as a discretization parameter approaches zero. This is discussed in Subsection 4.1 below.

4.1 Computational domain

A key step of our numerical scheme is a timestepping method based on a convolution integral that involves
the Green’s function of an associated PIDE in w. In the following, for ease of exposition, we ignore the
dependence on a by letting a € [amin, @max] be fixed, and we primarily focus on the dependence on w
and 7. Let {r,}, m = 0,..., M, be an equally spaced partition in the 7-dimension, where 7,,, = mAT
and AT =T /M. For a fixed 7,,, > 0 such that 7,11 < T, we consider the PIDE

vp—Lv—Jv=0, wé€ (—00,0), T E (Tm,Tm+1), (4.1)

subject to the initial condition at time 7, given by a function v(w, -, 7,,) where

Upe(w, -, Ty ) satisfies (3.7) w € (—00, Wi,
B(w, - Tm) =< v(w, -, Tm) W € (Wnin, Wiax), (4.2)
Upe(w, -, Ty ) satisfies (3.6) W € [Wnax, 00).

We denote by g (+) the Green’s function of the PIDE (4.1) which has the form g(w, w’, A1) = g(w — w', A7 ).
The solution v(w, -, Tpy+1) for w € (Wmin, Wmax) can be represented as the convolution of g(-) and o(-) as
follows [30, 36]

v(w, -, Tmy1) = / g (w — w/,AT) d(w', -, ) dw', W € (Wmin, Wimax)- (4.3)

The solution v(w, , Ty41) for w € (—00, Wiyin] U [Wmax, 00) are given by the boundary conditions (3.6)
and (3.7). In the analysis below, we focus on integral (4.3).
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For computational purposes, we truncate the infinite interval of integration of (4.3) to [wlTnin, wjnax],

where wjnm <L Win < 0 < Wpax <K wjnax and |wjnin| and wjnax are sufficiently large, resulting in
wmax
v(w, -, Tmt1) =~ /T g(w —w', AT) D(w', - 7)) dw',  w € (Wmin, Winax)- (4.4)
w.

min

We denote by &, the error of the above truncation of the integration domain, i.e.
& = / g(w —w', A7) D(w', -, 1) dw',  w € (Wnin, Wimax), (4.5)
R\[w], i, whhax]

For subsequent use in the paper, let PT = wayx — wjnin. Results in [21][Proposition 4.2] indicate that,
for general jump diffusion models, such as those considered in this paper, & is bounded by

& < KlATe_IQPT, Vw € (Wmin, Wmax), K1, K2 > 0 independent of AT, Pt (4.6)

For fixed [w;rnin,wjnax], and hence fixed PT, (4.6) shows & — 0, as AT — 0. However, as typically
required for showing consistency, one would need to ensure % — 0 as A7 — 0. Therefore, from (4.6),
we need P! — oo as A7 — 0, which can be achieved by letting PT = C/Ar, for a finite C > 0.3
(For relevant discussions, see, for example, [32][Theorem 4.2]). We note that, for practical purposes, if
Pt is chosen sufficiently large, it can be kept constant for all A7 refinement levels (as we let AT — 0).
The effectiveness of this practical approach is demonstrated through numerical experiments in Section 6.

Remark 4.1 (Padding considerations). For the PIDE (4.1), the Green’s function g(w,AT) is not
known in closed-form. However, we do have a closed-form representation for the Fourier transform
of g(w,AT). Therefore, we can approzimate (4.4) efficiently by discrete convolution via Fast Fourier
Transform (FFT). As noted in the introduction, wraparound error (due to periodic extension) is an im-
portant issue for Fourier methods, particularly in the case of impulse control problems. For our scheme,
Without
loss of generality, for convenience, we assume that |wWyin| and wmax are chosen sufficiently large so that

the intervals [wjnin, Wmin] and [Wmax, wjnax] also serve as padding areas for nodes in 2, U

Gmin *

o Wmax — Wmin . Wmax — Wmin
Wip = Wmin — 9 5 and w;rnax = Wmax + 72 . (47)

In Subsection 4.4, we show that, for practical purposes, this simple choice for padding areas is sufficient
for eliminating wraparound error. This is also verified by extensive numerical experiments in Section 6.

We now have a finite computational domain 2 = [wjnin, Whax] X [amin, @max] % [0, 7], which consists of
Qin = defined in (3.5), Qq,,,, = defined in (3.5),
Oy = [l 0had X [amin, Gmax) X {0}, Qui = (0] 40, Winin] X (@min, Gmax] % (0, T,
Quanin = (W] i Winin] X {@min} X (0,7], Qi = [Winax Whhay] X [Gmin, Gmax] X (0,T].  (4.8)

Due to withdrawals, the non-local impulse operator M(-) for €,, defined in (3.8b), may require evaluat-

ing a candidate value at a point having w = In(max(e® — v, €*->)), which could be outside [wjnin, wjnax],
T

if wo <w.;,. Without loss of generality, we assume w.., > w_ ;.

4.2 Discretization

We denote by N (respectively NT) the number of points of a uniform partition of [Wmin, Wmax] (respec-
tively [wiﬂin, w;rnax]). For convenience, we typically choose NT = 2N so that only one set of w-coordinates
is needed. Recall that PT = wLaX —w!

min’

and also let P = wWmax — Wmin. We define Aw = % = %. We
use an equally spaced partition in the w-direction, denoted by {w,}, where
w, = wo+nAw; n = —NT/2,...,NT/2, where (4.9)
Aw = P/N = PI/NT, and @ = (wmin + wmax)/2 = (w! . +wl,.)/2.

min

3For the special case of a GBM, straightforward calculus shows that |E] < C’efl/AT/\/ A, for a finite C' > 0, and hence,

even with fixed P!, we still have i—’; — 0, as AT — 0.
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We use an unequally spaced partition in the a-direction, denoted by {a;},  =0,...,J, with ag = amin,
and aj = amax. We use the same previously defined uniform partition {7,,}, m =0,..., M, 7, = mAT
and A7 =T/M.* Let Aapmax = max; (aj+1 — @j), Aamin = min; (a1 — a;),7=0,...,J—1. In
addition, we assume that there is a discretization parameter h > 0 such that

Aw = C1h, Atmax = Coh, Aamin = Chh, AT =Csh, P! =C%/h, (4.10)
where the positive constants C1, Ca, C%, C3 and C% are independent of h. We denote by VUy,.; & numerical
approximation to the exact solution v(wy, a;, 7,) at node (wp,aj, 7m) = X, ;. Form =1,..., M, nodes
X, ; having (i) n=—NT/2,...,—N/2, are in Q. U Qg .., (i) n = —N/2+1,...N/2 — 1, are in

Qi UQ and (iii) n = N/2,... NT/2, are in Q
straightforward to ensure the theoretical requirement PT — 0o as h — 0. For example, with Ci=1in

We conclude this subsection by noting that it is

Gmin? Wmax *

(4.10), we can quadruple N as we halve h.

4.3 Numerical scheme

For (wy, aj, 1) € €y, we impose the initial condition (3.15) by

v?L,j = max(e”, (1 —paj —c)Ae”™, n=—-NT/2,... NI/2-1, j=0,...,J (4.11)
We impose the condition (3.14) for (wy, aj, Tm+1) € Qwmae DY
ot = e (e e ), n=N/2,...,NT/2, j=0,....,J, m=0,...,M - 1. (4.12)

In the subsequent discussion, we denote by ~;"; is the control representing the withdrawal amount at
node (wy, a;j,7m), n=—N1/2,... N/2—1,j=0,....,J,m=0,...,M—1. Welet 7.}, = 7, +¢,¢ . 0F.

4.31 Q. UQypa,

Wmin

For (wp,aj, Tm+1) in Q U Qs let 137%- be an approximation to v(wy,a; — ’y:l’fj, Tm) computed by

Wmin

linear interpolation. To this end, we denote by Z{v™} (w,a) a two-dimensional linear interpolation
operator acting on the time-7, discrete solutions { ((wl, ay) ,v%) }, l=—-Nt/2,... NT/2,k=0,...,J,

m=20,...,M — 1. Then, 177%- is computed as follows
oy = I{o"™} (wn,a; — ), n=-NT/2,...,=N/2, j=0,...,J. (4.13)

We compute intermediate results vfff by solving

mr=sup (o0 +f (), n=-N/2,...,=N/2, j=0,...,J, (4.14)

vn7j m
'Yn,je[ovaj}

where 9", is given in (4.13) and f (-) is the cash amount received by the investor and is defined by

5y if 0<~<C, AT,
f(y) = : ’ (4.15)
Y1 = p) + pCrAT —c it CLAT < 7.
To advance to time 7,,+1, we solve the first-order ODE v, + rv = 0 with the initial condition given by
v;”;r in (4.14) by simply applying a finite difference timestepping method
ol = g Ar (mgfjl) cn=-N'2,.. . “N/2, j=0,...,0, m=0,...,M—1.  (4.16)

We note that (4.16) is strictly monotone. We also emphasize that numerical solutions in 2 and

Q

Wmax

U Qua,,, can be computed without using information from €, or €2

Wmin Gmin *

4While it is straightforward to generalize the numerical method to non-uniform partitioning of the 7-dimension, for the
purposes of proving convergence, uniform partitioning suffices.
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: scheme

Qmin *

4.3.2 Q;, UQ

For (wp, aj, Tm+1) in 2, U

Gmin >’

ol
let 0y,'; be an approximation to v(In(max(e"n —~" i€ Ymin)), a; — s Tm)
computed by linear interpolation. We compute v'; by linear interpolation as follows

Uy = Z{v™} (ln (max (e“’” - 'ygfj,ewjnin)) L — 'yf{fj) , n=-N/2+1,...,N/2-1. (4.17)

We note that the min{-} operator of (3.3) contains two terms, with the continuous control 4 in the
first term having a local nature (¥ € [0,C,]), while the impulse control + in the second term having
a non-local nature (y € [0,a]). Motivated by this observation, as in [19], with the convention that
(CrAT, 0] =0 if a; < C.AT, we partition [0, a;] into [0, min(a;, C;AT)] and (C,AT,a;]. We compute

respective intermediate results (vlo() " and (v nzL) by solving the optimization problems

n,j
(vl,,,,)nmj sup ({/an + f (%TJ)) ) (Unlc):z;—: sup (777% +f (%n])) )
v €[0,min(a;,Cr AT i €(CrAT a4
n=-N/24+1,....N/2—1, j=0,....,0, m=0,...,M—1, (4.18)

where f(-) is defined in (4.15) and ¥;';, n = —N/2+1,...,N/2 — 1 is given in (4.17). Intuitively, as
h — 0, (v,.) and (v,,) in (4.18) respectively correspond to the solutions of the first and the second term
of the min{-} operator of (3.3) set equal to zero.

Remark 4.2 (Attainability of supremum). It is straightforward to show that, due to boundedness of
nodal values used in Z{v™} () (see Lemma 5.1 on stability), the interpolated value v;; in (4.17) is

uniformly continuous in ;. As a result, the supremum in the discrete equations for (vlaa)nm;r and

(vnlc);nj in (4.18) can be achieved by a control in [0,min(a;, C,AT)] and (CrAT,a;], respectively, with
the latter case being made possible due to ¢ >0 [19].
To prepare for time advancement to 7,41, m =0,..., M — 1, we combine boundary values €2, . U
Qua,;, and Q. with results from (4.18) as below (with a slight abuse of notation)
o in (4.16), 1=—NT/2,...,—N/2,
(UIO(‘,);TZ‘—F (Uloc);T}+ .
v - , in (4.18), 1=—-N/2+1,...,N/2—1, 4.19
(resp. (vnlc)zhf) (resp. (vm)ﬁ*) (4.18) / / (4.19)
o in (4.12), 1=N/2,...,NT/2 1.

For T € [1,}, Tm+1], our timestepping method for solving the PIDE (4.1) is the convolution (4.4) with
the Green’s function being g(w, A7) and the initial condition ¥(w, -, 7,}) given by a linear combination

of discrete values in (4.19). Specifically, using (v.)/:", 1 = —NT/2,... ,Nt/2 — 1, o(w, -, 7.}) is given by

l,j
Nt/2—1
o(w,h) = Y erw) ()i w € [wl, wha. (4.20)
I=—Nt/2

Here, {¢(w)}, 1= —N*t/2,... NT/2 — 1, are piecewise linear basis functions defined by®

(w—wi—1) [Aw, w1 <w <y,
pr(w) = (w41 —w) /Aw, w; <w < wpy, (4.21)
0, otherwise.

The timestepping results (v,.)" ', n=—-N/241,...,N/2 —1, is given by the discrete convolution

n,j ?
whoy Nt/2—1
) = [ g =, A7) S ) do = Aw Y Gl - AT ) (422)
Wmin l:—NT/Q
1 Wmax
where g, = g(w, —wy, AT) = Aw / or(w) g(w, —w, AT) dw. (4.23)

mln

®For a discussion of different choices of basis functions, see [35].

10



343

344

345

346

347

348

349

350

351

352

353

354

355

356

357

358

359

360

361

362

363

364

365

366

367

368

369

370

371

372

373

374

375

Using similar steps on (U,LZC)Z?F, l=—-Nt/2,...,Nt/2 — 1, in (4.19), gives us the timestepping results
(V)™ n==N/2+1,...,N/2—1,j=0,....,J,and m=0,...,M — 1.

n’j )
That is, with §,—; given in (4.23) we compute two discrete convolutions

Nf/2-1 Nf/2-1
ep T =Aw Y Gy (u)h i = Aw Y Gar (vl (4.24)
I=—NT/2 I=—NT/2

n=-N/2+41,....N/2—1, j=0,....J, m=0,...,M—1.
Finally, we compute Ugf;-rl by

;’fj‘fl = max ((v,oa)?jl, (vnlc)mH) . where (v,)™ 1! and (vnlc)gf;rl from (4.24),

v n,j n,j

n=-N/2+1,...,N/2—1, j=0,...,J, m=0,...,M — 1. (4.25)

In (4.25), the exact weight §, ;, n = —N/2+1,...,N/2 —1,1 = —NT/2,... NT/2 — 1, defined in
(4.23), is strictly positive. Therefore, scheme (4.25) is strictly monotone. However, since a closed-form
representation for g(w, Ar) is not known, the exact weight g,,_; can only approximated, and hence, this
potentially results in negative weights, i.e. loss of monotonicity. In the next subsection, we will show
that it is possible to achieve monotonicity, for fixed N and Ar, for any tolerance € > 0.

Remark 4.3 (Optimization method). In (4.18), we discretize the control ~;"; with spacing O(h), and
solve the optimization problem at each node by exhaustive search, using binary search to query the
database of discrete solution values on the unequally spaced (w,a) mesh. As has been proven in [19,
Proposition 1], the error in this step is O(h?) for any smooth test function. One dimensional optimization
methods could be used to reduce the computational cost, but there is then no guarantee of obtaining the
global mazimum as h — 0.

4.3.3 Q;,UQ : e-monotonicity

Qmin*

To approximate g, _;, we follow the same steps as in [35]. For the sake of completeness, we provide some
key steps below. We recall the Fourier transform and inverse Fourier transform

Flg()] = G(n, Ar) = /

—00

o0 o0

g, Ar)du, FG)) = glw Ar) = [ TG, Ar)dn.(426)

—00
It is straightforward to show that a closed-form expression for G (1, A7), the Fourier transform of the
Green’s function of equation (4.1), is

G(n,At) = exp(V(n) A7), with

1 1 —
U(n) = <—202(27r77)2 + <'r — Ak — 502 — ﬂ) (2min) — (r+A) + AB (77)) . (4.27)
Here, B (n) is the complex conjugate of the integral B (n) = [~ b(y) e 2™ dy, noting b(y) is the

density function of In (¢), where v is the random variable representing the jump multiplier.
For a fixed n € {~N/2+41,...,N/2 — 1}, to approximate §,_;, | = —NT/2,... ,NT/2 — 1, in (4.23),
we replace g(w, A1) by its localized, periodic approximation g(w, A7) given by

1

o
. k
BF Z TG e, AT) with np = —, Pl=wl  —wl . (4.28)

PT 9 max min

g(w,AT) =

k=—o00

Remark 4.4. We note that the coefficients G(n, A1) in (4.28) are the exact coefficients corresponding

T

to the Green’s function of the PIDE (4.1) with periodic boundary conditions at w,; and w;rnax. Hence,

n
g(w, A1) is a valid Green’s function, and in particular g(-) > 0.
We note that, for a fized A, g(w,AT) # g(w,AT), w € [wjnin,w:%ax]. However, as AT — 0, or

equivalently, as h — 0, we have

g(w, AT) & /_OO XM G (n, AT)dn + O (1/(PT)2) by g(w,AT) 4+ O (h2) : (4.29)

(4.26)

11
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Here, (i) is due to PT — 0o as h — 0, ensuring in an O (1/(P1)?) ~ O (h?) error for the traperzoidal
rule approximation of the integral.

After replacing g(w, A7) by g(w, AT) in (4.23), we integrate the resulting finite integral and obtain

- - 1 > 2ing (n—1)Aw sin? 7w Aw
Jn-1 = gn-i(0) = = o2 ( ) GO, AT) | (4.30)
Pt (k—z_oo (W??kAU))2
For o € {2,4,8,...}, (4.30) is truncated to aNT terms, resulting in an approximate weight
aNT/2-1 . 9
- 1 i (n—DAw [ SN T Aw
Gn-1() = B¢ > emmmha (”’“2> G, A1) | . (4.31)
k=—aNt/2 (mx Aw)

As o — o0, there is no loss of information in the discrete convolution (4.31). However, for any finite a,
there is an error due to the use of a truncated Fourier series, which is shown to be [35]

Gn—1(@) — Gn—1(o0) = O(e_l/h)' (4.32)

Although the error in (4.32) indicates a rapid convergence of truncated Fourier series as o — 00, strict
monotonicity is not guaranteed for a finite a. To control this potential loss of monotonicity for a finite
a, as in [35], the selected o must satisfy

Nt/2—1
A
Aw Y |min(Gai(@),0)| < e%, Vne{-N/2+1,...,N/2 -1}, (4.33)
=N /2

where 0 < € < 1 is an user-defined monotonicity tolerance. As discussed in detail in Section 5, to show
convergence of the numerical scheme, we need ¢ — 0 as h — 0. In practice, however, if € is chosen
sufficiently small, it can be kept constant for all refinement levels (as we let A — 0). The effectiveness of
this practical approach is demonstrated through numerical experiments in Section 6.

4.3.4 Efficient implementation via FFT and algorithms

For a fixed € {2,4,8,...}, the sequence {§_y1,2(), ..., gnija—1 ()} is Nt-periodic. With this in mind,
we let ¢ = n — [ in the discrete convolution (4.31), and, for a fixed «, the set of approximate weights in
the physical domain to be determined is gq(a), ¢ = —Nt/2,...,Nt/2—1. Using this notation, in (4.31),

with ¢ = n — [, we rewrite e2™k(n—hHAw — eQWikQQ/(aNT), and obtain
1 aNt/2—-1 .
gqla) = 28 Z e2mik(aq)/(aN") Yk q= *NT/Q,...,NT/Qf 1,
k=—aNt/2 (4.34)
where y;, = (W) G (n, AT), k:—a—m,...,a—m—L
(mnrAw) 2 2

It is observed from (4.34) that, given {yx}, {gs(e)} can be computed efficiently via a single FFT of
size aNT. A suitable value for o, i.e. satisfying the e-monotonicity condition (4.33), can be determined
through an iterative procedure based on formula (4.34). Let this value be a.. We also observe that,
once a. is found, the discrete convolutions (4.24) can also be computed efficiently using an FFT. This
suggests that we only need to compute the weights in the Fourier domain, i.e. the DF'T of {g,(c.)}, only
once, and reuse them for all timesteps. We define {G ()} to be the DFT of {j,(a.)} given by
t Nt/2—1
~ —omi b
G, AT, ae) = 5 Zf e~ 2mak/NT G (o), k=-Nt/2,... Nt/2-1. (4.35)
qg=—NT/2

An iterative procedure for computing {éq(ae)} is given in Algorithm 4.1, where we also use the stopping

t /o
criterion Aw Zf]v:g\”lﬂ |Gq() — Gg(/2)| < €1, e1 > 0. As noted in [35], Algorithm 4.1 stops after a
finite number of iterations. For practical purposes, . is typically 2 or 4.

12
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Algorithm 4.1 Computation of weights Gy (a.), ¢ = —N1/2,...,NT/2 — 1, in Fourier domain.

1: set @ = 1 and compute §,(a), ¢ = —NT/2,... , NT/2 — 1 using (4.34);
2: for a = 2,4, ... until convergence do
3 compute g,(a) ¢ = —NT/2,... NT/2 — 1, using (4.34);

Nf/2-1
4:  compute test; = Aw ZquNT/2
Nf/2-1

min (g4(cx), 0) for monotonicity test;

5. compute testo = Aw ) |Gq(ct) — Gq(cr/2)| for accuracy test;

q=—NT/2
if |test;| < e(A7/T) and testy < €; then
7 e = Qi
break from for loop;
8 end if
9: end for

10: use (4.35) to compute and output weights éq(ae), q=—NT1/2,...,NT/2 — 1, in Fourier domain.

Remark 4.5. For simplicity, unless otherwise stated, we adopt the notional convention gn—; = Gn—i(c)
and G(ng, AT) = G(ng, AT, ), where ae is selected by Algorithm 4.1, hence satisfies the e-monotonicity

condition (4.33): Aw ZNT/Q% | min (§n—i(a),0) | < e%, €>0, forallne {—-N/2+1,...,N/2—-1}.

I=—Nt/2
The discrete convolutions (4.24) can then be implemented efficiently via an FFT as follows
Nf/2-1
. -l— ~
(Uloc)nn?_l x>~ Z eQﬂ’an/N WOc(n(p ajv Tnt) G(qu AT)? (436)
q=—NT/2
Nf/2-1
. —2migl/Nt
with Vi (ng,a;,7,4) = ~T Z e~ 2mial/N (v,UC)Z;Jr, gq=-N'/2,...,NT/2 -1,
I=—Nt/2
where G(1,, AT) is given by (4.35). Similarly, we can compute (vnlc);rf;rl, n=-N/2+1,...,N/2 -1,

7 =20,...,J,and m = 0,...,M — 1, using an FFT as above. Putting everything together, an e-
monotone algorithm for € is presented in Algorithm 4.2, where, for simplicity, we use the notation
Nf = {-NT/2,... NT/2 —1}.

Algorithm 4.2 An e-monotone Fourier algorithm for GMWB problem defined in Definition (3.1). zoy
is the Hadamard product of vectors z and y; N = {-NT/2,... NT/2 —1}.

1: compute vector G = [é(nq, AT)} Nt using Algorithm 4.1;
q€

2: initialize v?m = max (e"", (1 — p)a; —c), n = —NTT,...,NTT, j=0,...,J;
3: form=0,..., M —1do
4:  solve (4.18) to obtain (v,oc)mJ-r and (vnlc)mJr n= —% + 1,...,% —1,7=0,...,J; //Qn,UQ

n?] n7j ’
5. combine results in Line-4 with vp’; in Q. Qway,, and

Gmin

to obtain vectors

Wmax ?
m+ _ m—+ m+ __ m—+ . .
(/Ulo(?)j — |:(/Uloc)n7j i|neNT and (Unlc)j - [(U'rzlu)nhj :|neNT’ ] — O,N ey J,
6: compute vectors [(vlw)?;l} . IFFT {FFT {(vloc)’jwr} o G}, j=0,...,J;
I ne

+1 loG j :
7:  compute vectors [(Unl(‘,);n;j LGNT = IFFT {FFT {(vnlc);n } o G}, i=0,...,J;
8: discard FFT values in Q. , Qua,,;, and Q.. , namely (vloc):jl and (Unlc):f;rl,
n:—NTT,...,—%, and n = %,...,NTT—LJ':O,---,J;
9: Setvm;rlzma){((vloc)nmj_laUnlc)'gf;_l)an:_gf—'_lv"'a];[_17j:0a"'7<]; //QinUQamin
10:  compute UTT;TI, n==4,..., NTT, j=0,...,J, using (4.12); /[
11:  compute v ft, n = N =N j=0,...,J, using (4.16); /1w Y Quagnin

12: end for
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Remark 4.6 (Algorithm complexity). The complexity of Algorithm 4.2, at each timestep, consists of
two magor parts, intervention action and time advancement. For intervention action, a binary search
is carried out for each mesh node, with each search costing O(|log(1/h)|). For each timestep, we need
to solve O(1/h?) optimization problems (that is, for each mesh node (wy,a;) with n = —NTT, el % -1,
j =0,...,J), each optimization performs O(1/h) linear interpolations (i.e. for O(1/h) elements in
the admissible control set). The intervention action results in O(|log(1/h)|/h%) computational cost at
each timestep. Regarding time advancement, we basically solve O(1/h) PIDEs (i.e. for each a; when
j=0,...,J) using the e-monotone Fourier method. Apart from a preprocessing step in Algorithm 4.1,
the complexity of the time advancement mainly depends on the FFT to evaluate the discrete convolution,
with each FFT costing O(|log(1/h)|/h). In total, the computational cost of the time advancement is
O(|log(1/h)|/h?) at each timestep. Thus the major cost of Algorithm 4.2 is determined by the interven-

tion action, that is by the local optimization problems.

4.4 Wraparound error

A well-known issue requiring special attention is that FFT algorithms effectively assumes that the input
functions are periodic. This tends to cause wraparound pollution near the boundaries, unless special
care is taken when implementing the algorithms [29]. In our case, wraparound error may occur at nodes
and 2 U Quapy, OF §2 with the
contamination being particularly problematic near wyj,. This is because the non-local impulse operator

near Wmin and wmax, i.€. near the boundaries between 2;, U €}

Gmin Wmin Wmax ?

always moves the solution to smaller w values, due to withdrawals.
UQuwa,,;, and €2
act as padding areas to minimize the wraparound error in the computation of discrete convolutions (4.24)

As introduced in Remark 4.1, the boundary sub-domains {2 are also set up to

Wmin Wmax
via an FFT in (4.36). Specifically, as stated in Algorithm 4.2, for each 7,,, solutions in the boundary
are combined with (Uz()c)nn? and (vnlc):ﬁj in Q,UQ, . (Lines 4-5)

to form the data for an FFT (Lines 6-7). After an FFT is applied, all results of auxiliary padding nodes
in U Quapy, and Q
(Line 8). Note that our treatment is different from the zero padding technique used in [1, 45], which

sub-domains €y, UQyq,, and Qg Gomin

Winin wmax are discarded to minimize the wraparound error at nodes in Qi, U Q.

might produce errors near wmin. In the below, we show that, with our choice of NT = 2N, N is chosen
large enough, our handling of wraparound described above is sufficiently effective.
For full generality, we consider the generic recursion in the form of the discrete convolution (4.24)

Nf/2-1
uzﬁlew Z Gn—rui*, m=-N/2+1,... ,N/2—1. (4.37)
I=—Nt/2

As noted above, wraparound in (4.37) may occur if (n —1) < —=NT/2 or (n—1) > NT/2 —1. (Also see
Appendix A.) This leads us to the following formal definition of wraparound error at each time 7,,.

Definition 4.1 (wraparound error). Assume {g,}, ¢ = —NT/2,...,N1/2—1, is periodic with period N
and ", forl < =N/2+4+1 orl > N/2 — 1, are determined by boundary data with Nt =2N. Then, the

m

wraparound error for equation (4.37), at timestep m, denoted by ey, is

Nt/2—1

Comy = L S ZXN:T/Q Jn—1 u;”‘ (1{(n—l)<—NT/2}+1{(n—l)>NT/2—1}>'

We now state a theorem on the effectiveness of our padding technique. See Appendix A for a proof.

Theorem 4.1. Let {g,}, ¢ = —NT/2,...,Nt1/2—1, be periodic with period NT, and u", forl < —=N/241
orl > N/2 — 1, be determined by boundary data with NT = 2N. Assume further that {u*} is bounded
in Loo-norm, so that for 0 < m < M, there exists a constant C > 0 such that

" <C, | = —Nf/2,... Nt/2—1. (4.38)
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If N is selected sufficiently large so that

—N/2 Nt/2—1
~ € - €
Aw Z o] < EeAT and Aw Z gl < gAT, € >0, (4.39)
I=—Nt/2 I=N/2

then the wraparound error after M steps is bounded by TCe..
We now have a corollary about the wraparound error of our scheme.

Corollary 4.1. The wraparound error, defined in Definition 4.1, of scheme (4.11), (4.12), (4.16), and
(4.25), is bounded by TCe., where €, > 0 can be made arbitrarily small by choosing N sufficiently large.

5 Convergence to the viscosity solution

It is established by Barles-Souganidis in [14] that, provided a comparison result for PDEs applies, a
numerical scheme converges to the unique viscosity solution of the equation if the scheme is £,,-stable,
strictly monotone, and consistent. In our case, as noted in Remark 3.2, a provable strong comparison

principle result exists for Q, U Q2 However, our scheme is only monotone within a tolerance € > 0

Gmin *
(see (4.33)), and hence, the framework in [14] is not directly applicable. Nonetheless, [14] does note that
the monotonicity requirement can be relaxed. This idea was explored in [17].

In this section, we appeal to a Barles-Souganidis-type analysis to rigorously study the convergence of

our scheme in £;, U2 as h — 0 by verifying three properties: ¢, -stability, e-monotonicity (as opposed

@min
to strict monotonicity), and consistency. We will show that convergence of our scheme is ensured if the
monotonicity tolerance € — 0 as h — 0. Although our proofs share some similarities with those in [19]
for a strictly monotone scheme, we stress that these are distant similarities. Specifically, due to key
differences in the monotonicity property and the use of Fourier methods which requires careful handling
of boundary regions, our proof techniques are significantly more involved. We will emphasize these key
differences where suitable.

For subsequent use, we state two results below: for any n € {—N/2+1,...,N/2 — 1}, we have

Nt/2—1 Nt/2—-1 A
- _ - . T Ar
Aw D" Gea=e, Aw Y (max(§,-,0) + [min (§u,0))) < 1+ 2e < T (5.1)
I=—Nt/2 I=—Nt/2

Here, the first result is proved in [35], while the second follows from the first, noting e ™7 < 1,
Jn—1 = max(gn_;,0) + min(g,_;, 0), together with the monotonicity condition (4.33).

Our scheme consists of the following equations: (4.11) for Q,,, (4.12) for .., (4.16) for 2
and finally (4.25) for ;, U

Wmin

We start by verifying £..-stability of our scheme.

Qmin *

5.1 Stability

Lemma 5.1 ({-stability). Suppose the discretization parameter h satisfies (4.10). If linear inter-

polation is used to compute v;'; in (4.13) and (4.17), then scheme (4.11), (4.12), (4.16), and (4.25)

satisfies sup [[v™]|, < oo for allm =0,..., M, as the discretization parameter h — 0. Here, |0 =
h>0

maXp,; ’U%’; n=-NT/2,...,NT/2—1,and j=0,...,J.

Proof. We note that, for any fixed h > 0, we have HUOHOO < o0, and therefore, sup;- HUOHOO < 00.
Motivated by this observation, to demonstrate {o-stability of our scheme, we will show that, for a fixed
h >0, at any (wp,a;, T, ), we have

lups] < K(HUOHOO +a;), K >0 bounded above independently of h. (5.2)

Since a; < zp < oo, where 2 is the up-front premium to the insurer, (5.2) essentially means that
[v™|| < oo for a fixed h > 0. Therefore, we obtain supj.q|[v™| . < oo for all m = 0,...,M, as
wanted. We note that the constant K > 0 is typically of the form 62’”5%, m =20,...,M, where € is the
monotonicity tolerance used in (4.33) with 0 < € < 1. Since mA7 < T, K is bounded above by €.
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For the rest of the proof, we will show the key inequality (5.2) when h > 0 is fixed. For clarity, we
will address stability for the boundary and interior sub-domains (together with their respective initial
conditions) separately, starting with the boundary sub-domains. It is straightforward to show that (4.11)
and (4.12) are {-stable, since

max]v ]<HUOH n=N/2,...NT/2, j=0,....,J, m=0,..., M. (5.3)

Similarly, we can also show {-stability of (4.11) and (4.16) by proving max;, ; [v;;] < HUOH +a; via
0<opy <|o° +aj, n=-N'/2,...—N/2, j=0,...,/] mzo,..., . (5.4)

This can be done by induction on m in a straightforward manner, noting that (4.11) and (4.16) are
strictly monotone. We omit this for brevity.

We now prove stability for (4.11) and (4.25). For n=—-N/2+1,...,N/2—1and j=0,...,J, and
m =20,...,M, we define the measures

va+H = max UZH_) and vaH = max |v,";|, where
n 7‘7 n 7]
m-—+ _ m—+ m m+ _ : m—+ m _ s m
7] = w7 = e (e} (o] = min (e 7], = min o

Similarly, we also have

|
o0

Recall the monotonicity tolerance €, where 0 < € < 1, used in (4.33). To prove stability for (4.11)
and (4.25), we show that, for m € {0,... M}, we have

[l < @mF (10l ta), i=0..... (5.5)
I

(U,,,,C)TH , and other respective measures.
o0

which is bounded above by e? Hv o T 20) independently of h, since mA7r < T. We typically use
e < 1/2 in the proof below. To show (5.5), using induction on m, m = 0,..., M, we will show that, for

all j € {0,...,J},
[0, ST (|00 +ag) (5.6)

A T
—2me TT e (H”OH +a;) < [”;'n]min‘ (5.7)

We note that numerical solutions at nodes in 2

je{ji=0,....,J}and me {0,...,M},
—NT/anl?é—N/Q {of;} satisfies (5.6), and 7NT/2121LI;7N/2 {o;} satisfies (5.7). (5.8)

Base case: when m = 0, (5.6)-(5.7) hold for all j € {0,...,J}, which follows from the initial condition

(4.11) forn=—-N/2+1,...,N/2 — 1.

Hypothesis: we assume that (5.6)-(5.7) hold for m = m, where m < M—1,andn = —N/2+1,...,N/2—1,

j=0,...,J.

Induction: we show that (5.6)-(5.7) also hold for m = m+1 and j =0,...,J. This is done in two steps.

In Step 1, we show, for j =0,...,J,

U Q. satisfy the bounds (5.6)-(5.7) at the same

Wmin

i 2me2T (1|,,0
] < () + ay) (5.9
A .
2L (||| 4 a) < o] (5.10)
T J min
In Step 2, we bound the timestepping result (4.25) at m = m + 1 using (5.9)-(5.10).
Step 1 - Bound for v} + : Since vn;r = max (v,m);ﬁj , (%m)iﬁj), using (4.18), we have

%’fij[O,aj]
As noted in Remark 4.2, for the case ¢ > 0 as considered here, the supremum of (5.11) is achieved by
an optimal control v* € [0, a;]. That is, (5.11) becomes

oit = Lo} (max (e o7 e ) a5 —77) + F(7), 7" € [0,a]. (5.12)
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+
We assume that max (ew” - fy* e“’min> € [e¥n, e"+1] and (a;—7*) € [a;,a;jr11], and nodes that are used
Xl jro e ,XZ‘,HJ,H). We note that these node could be outside €;, U {2
U Quay,,- However, by (5.8), the numerical solutions at these nodes satisfy the same bounds

for linear interpolation are (x!}
in Q.
(5.6)-(5.7). Computing v, + using linear interpolation results in

Gmin?

vmj =1, (xw Vg o+ (1 = 2y) UZ’?HJ/) +(1—xq) (ww UZ}J/H + (1 — zy) UZ?HJ/H) , (5.13)
where 0 <z, <1 and 0 < z,, <1 are interpolation weights. In particular,
aj41 — (a; —*
o j'+1 (] ’Y) (514)
Q41 — Gy

Using (5.8) and the induction hypothesis for (5.6) gives abound for nodal values used in (5.13)

(v yoviing } <M F (10l +ap)s {0y Vg < @ F (0o + agsr). (5.15)

Taking into account the non-negative weights in linear interpolation, particularly (5.14), and upper
bounds in (5.15), the interpolated result Z {v™} (-) in (5.12) is bounded by

m W, wl. * 1he AT *
Z{o™} (max (e =57, emin ) a; = 7)< 7T (o0 + (a5 = 7). (5.16)
Using (5.16) and f(v*) < ~* (by definition in (4.15)), (5.12) becomes

vt < T ([00oo + a5 — %) +77 < 2™F ([0]]oo +a5)

which proves (5.9) at m = m.

For subsequent use, we note, since v;";r = max ((v,oc);n’;r , (vn,c)n g ) (5.9) results in

e 5 P A AT
{(Uloc)::f;_ 9 (U7Llc)z7:;_} S U:{f;_ S eQmET (HUOHOO + a]) . (517)

Next, we derive a lower bound for (vj,.)™ " By the induction hypothesis for (5.7), we have

°|

n,j and ( nlt‘)nj

m > QmEA’T QmeAT o+ a;). Comparing (Uloc) nd given by the supremum in (4.18) with v

(Ilo i

Wthh is the candidate for the supremum evaluated at 'ynd =0, yields

; ; AT
+ 2 e2r 0
(Voc)pj = Unyj = — 2Mme—r T m (Hv I +aj), (5.18)
which proves (5 10) at m = nm.
For (v ,Il() " in (4.18), consider optimal v = v*, where v* € (C, AT, a;]. Using the induction hypoth-

esis and non- negatlve weights of linear interpolation, noting v* > 0 and assuming f(v*) > 0, gives

AT 2me A‘r (

A
(g = =2 =™ T ([0 + (a5 = 7)) + F(7) = =2 T (o] +a;) . (5.19)

From (5.17)-(5.18) and (5.19), noting € < 1/2, we have

{177 11 @ad T 1} < 5 (0°)oo + a5) (5.20)
Step 2 - Bound for vZf;»rl: We will show that (5.6)-(5.7) hold at m = " + 1. For all n = —N/2 +
1,...,N/2—1,and j =0,...,J, we have ‘(Uzm m+1‘ ‘Zf\f/fwlpgn ! (vlw)l] ‘
Nf/2-1 Nt/2-1
AT ~ . ~
A0 it | @12 2 F (o0 a) B S (01, 0) + [minGi, )
I=—Nt/2 I=—Nt/2

(ii)
< e (HUOHOO—FaJ)(I—i-QeAT/T)

< AV (o0 o0 + ), (5.21)
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Here, (i) comes from (5.20), and (ii) comes from (5.1). Similarly, for n = —N/2+1,...,N/2 — 1, and
7=0,...,J, we also have
| (Wae) Y < OHDETF (00| + ay). (5.22)

n?]

Therefore, from (5.21)-(5.22), we conclude, for n = —-N/2+1,...,N/2 — 1,and j =0,...,J,
[ 1] < 2T (10| + ay),

which is bounded above by 62(HUOHOO + 20) independently of h, since mA7 < T. This proves (5.6) at
time m = m + 1.

To prove (5.7) at m = 7 + 1, note that (vlm,)mJr1 Aw Zf_/i”lﬂ n—1 (vl,,p)f?“
Ar Nt/2-1 Nf/2-1
_ e AT s
= —2e e ([0)oe + a)Aw Y- max(Gu—i,0) = MF (o]l +a)Aw D" fmin (gui,0)|
I=—Nt/2 I=—NT/2
Ar Nt/2—1
>~ MF (o]l + @) Aw Y (max(Go-s,0) + [min (g1, 0)])
=N /2
AT AT AT
> —21e—- 2m“‘*(HvOHoo—i-aj)(1+2e—) > (1 + 1)e—r XM DT T (00|00 + aj) -
T T T
This proves (5.7) at m = m + 1 and concludes the proof. O

Remark 5.1. In the above proof, to derive (5.19), for simplicity, we assume that, for an optimal
* € (CrAT, a4, f( *) > 0. If this is not the case, we still have £ -stability with (5 6) becoming

{vm < e2meT (HUOH +aj +c), and (5.7) becoming {vm} > 2meAT 2me HUOH +a; +c),

J :| max min

and hence (5.5) becomes H mH < e2mer (HUOH + aj + c), noting the constant fized cost ¢ > 0. The

assumption 0 < € < 1/2 is entirely for ease of exposition, and is trivially satisfied in any setting.

Finally, if € = 0, i.e. strictly monotone, the lower bounds (5.7) and (5.10) become zero, while the

upper bounds (5.6) and (5.9) become HUOHOO + aj, which are the same as bounds established in [19] for

a monotone finite difference method for fixred computational domain.

5.2 Consistency

While equations (4.11), (4.12), (4.16), and (4.25) are convenient for computation, they are not in a form
amendable for analysis. For purposes of verifying consistency, it is more convenient to rewrite them in

a single equation. Unless noted otherwise, in the following, j =0,...,J,and m =0,..., M — 1.
For (wn, aj, Tm+1) € Qs U Quagys 16 m = —NT/2,... —N/2, we define the operators
1
AL (] ( ,umrt o'k ) = — [ - sup Ui+ f (o)) + AT (rva) ,
n,] n] { }k<j AT n,J 'y’” €[0,min(a;,Cr AT ( n,J ( n,g)) n,j

Byt (h, ot {Ulk}k<J> = o= sup (T (0 ))+AT( ;;”le), (5.23)
’y,TjE(C’TAﬂaj}

where o', n = —~NT/2,...,—N/2, is given in (4.13), and f () is defined in (4.15).

18



578

579

580

581

582

583

584

585

586

587

588

589

590

591

592

593

594

595

596

For (wn, aj, Tm+1) € Qi UQ ie.n=-N/2+1,...N/2 — 1, we define the operators

Amin
] N/2-1
et (e olihs,) = as [t < Aw X s sw (i ()
I=—N/2+1 7mE[O,m1n(aj,CTAT)]
—N/2 Nt/2—1
— Aw Z gnfl 'UZTZ' — Aw Z gnfl Ulr,nj:|7
I=—Nt/2 I=N/2
N/2—1
1 ~ -
e S S O B N D A W R i)
I=—N/2+1 V[ E(CrAT,a;]
—N/2 Nt/2—1
—Aw Z Jn—1 vf:”j — Aw Z Jn—1 Ul””j, (5.24)
I=—Nt/2 I=N/2
where 0}, | = —N/2+1,...,N/2—1,is given (4.17), and f (-) is defined in (4.15).

Using Am+1 (), ijl (), CZ:”JTH (-) and DZZH (+) defined above, our numerical scheme at the reference

node (wp, a],Tm+1) € () can be rewritten in an equivalent form

0 = Hm+1 (h,v?jl {Uﬁ“}k<j) (5.25)
AT wh < wp < Wiy, 0< a5 < G AT, 0 < gt < T,
min {.Anmjl () ,Bijl ()} U}Lin < Wy < Wmin, CrAT <aj <ay, 0< Ty <T,

= C’le () Wmin < Wp < Wmax, 0<a; < CAT,  0< Ty < T,
B min {Cgfjrl () ,D:Zjl ()} Wiin < Wp < Wmax, CrAT <aj <aj, 0<7py <T,
v;ﬁjl — e Tmtetn Wmax < Wy < w;rnax, 0<a; <ay, 0<Tm41 &T

Z,le — max(e", (1 — p)a; — c) w;rnin < wy < Whax, 0< a; < ay, Tma1 = 0.

To verify the consistency in the viscosity sense of (5.25), we first need some supporting results related
to local consistency of our scheme. To this end, we define operators Fj,s and Fw;nm for the case 0 < a; <

CyAT,ie. 0 <a/AT < C,,

Fy (x,v) = v,—Lv—Jv— sup & (1 —e Yoy — va) 1503, 0< a/AT < Cy,
Y€[0,a/AT]
Fy (x,v) = ve+rv— sup  F(1—-va) gm0y, 0=<a/AT <G (5.26)
“min 4€[0,a/AT]

Below, we state the key supporting lemma related to local consistency of scheme (5.25).

Lemma 5.2 (Local consistency). Suppose that (i) the discretization parameter h satisfies (4.10), (ii) lin-

ear interpolation in (4.13) and (4.17) is used, and (ii1) wmin Satisfies

Then, for any test function ¢ € G(S2~) NC*(2*), with ¢},

for a sufficiently small h, we have

H (hy o+ 6, {0t + €h,e)

Fin (-,") c(x)§+O(h) + £(x
Ep(,) +c(x)E+0(h)+ S(x
F, . () +cx)E&E+0()

Foopin () + c(x) €+ 0O(h)

Fw:mn ( ") + C(X)£+O(h)
Fuaps, (5 )+ ¢(x) €+ O(h)

Fomax (1) T (%) €

Fro () +e®)€

ewmin _

;
e¥min > C.AT.

Wmin < Wn < Wnax,
Wmin < Wn < Wnax,

Wmin < Wp < Wmax,
T

Wi < Wy < Wiin,

W, < Wy < Winin,

min

w!

min < Wy < Wiin,

T
Wnax < Wy < Wiax,

.I.

T
Wi < Wy < Wmnax,

19

C,AT <a; <ay,
0<aj < C,Ar,

aj:0,

C,AT <aj <ay,
0<CLj < C,AT,

CLjZO,
OSCL]'SGJ,
OéajéaJv

(5.27)

=¢ (x%-) and x = (W, aj, Tm41) € 2, and

(5.28)

<T;
<T;
<T;
<T;
<T;
<T;
<T;

0 < Time1
0 < Tt
0< Tm4-1
0 < Tt
0< Tm41
0 < Tt
0< Tm41
Tm+1 = 0.
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Here, £ is a constant and c(-) is a bounded function satisfying |c(x)| < max(r,1) for all x € 2, and
E(xyjsh) — 0 as h — 0. The operators Fiy (), Fop (50)s Fugn (57)s Fuapn (57)s Fupa, (7) and
Fr, (v,+), defined in (3.10)-(3.15), as well as Fiy and F,y  defined in (5.26), are function of (x, ¢ (x)).
To prove Lemma 5.2, starting from a discrete convolution of the Green’s function g(-, A7) and a function
q € G(§¥*), we typically need to recover an associated continuous convolution (in w) and then utilize the
Fourier Transform and inverse Fourier Transform. There are two cases: (i) ¢ is not necessarily smooth,
but locally bounded (as it is in G(2*)), which corresponds to non-local impulses, and (ii) ¢ is a test
function in G(2*)NC>(£2*), which corresponds to local impulses. We first present some auxiliary results,

namely Lemma 5.3 (for case (i)) and in Lemma 5.4 (for case (ii)).

Lemma 5.3 (Function in G(2*)). Suppose the discretization parameter h satisfies (4.10). Let p(w,a,T)
be in G(¥*). For any x»'., n € {—-N/2+1,...N/2 -1}, j€{0,...,J} and m € {1,..., M}, we have

n?j’
Nt/2—1
Aw Z Gn-1 Plj = DPny + O(h?) + E(xyiyh),  where E(xz';,h) — 0 as h — 0.
=N /2

Proof of Lemma 5.3. We fix a = aj and T = 7., and instead of writing p(w, a;, 7,,), we will write p(w)
which is a bounded function of w € R. We will also write p; instead of p;"j.
Since p(w) does not need to be in L'(R), we first construct a function p(w) : R — R which is in

L'(R) and bounded in R and agrees with p(w) in [wjnm, ernax]. This can be achieved by using a standard

smooth cut-off function [48]. To this end, with wy = (wjmn + wjnax> /2, we define Dy(o) = {w €
R : |w — wo| < d}, the closed ball centered at wy with radius d sufficiently large so that [wjnin,wjnax]
is contained in Dgy(1p). Consider a smooth cut-off function ¢(w), w € R, satisfying 0 < ((w) < 1,
¢(w) =1 on Dy(1p) and ¢(w) = 0 outside of Dag(1dp). Then the function p(w) = {(w)p(w) satisfies our
requirements.

Consider function ¢ : R — R defined as follows: (i) gq(w) = zl]\:—/?V_JfI/Q m(w), w € [wjnin, Whax], and

(ii) g(w) = p(w), w € R\ [wjnin, Whax], Where {p;(w)} are piecewise linear basis functions given in (4.21).

It is straightforward to see that ¢(w) is in L'(R) and bounded in R. We have

Nt/2-1 Nt/2-1

B Q 5 (i) Wmax N -
Aw Z Jn—1 p1 = Aw Z Gn-1(00) pi + & = /wT q(w) g(wy —w, A7) dw + & + &,

(@D /T q(w) g(wn, —w,AT) dw+ &+ &+ &;

min

© / q(w) glwp, —w,AT) dw+ &+ E+ &+ &

(L)pn+5f—i—5o+€g+€b+£c, (5.29)
where the errors &, &, &, &, and &, are described below.

e In (i), & = &;(x7';, h) is the Fourier series error arising from truncating g,—;(c0), defined in (4.30),

t0 ui(a), @ € {2,4,8,...}, in (4.31). As noted in (4.32), &(x7;,h) = O(e™#).
e In (ii), & = & (%7, 1) is the error associated with projecting g(w) onto ¢(-), and is given by
Wmax NT/271
Eo = Eo(x75, h) = [ Y pa(w) = q(w)| §(w, —w, A7) duw, (5.30)
Wmin l:_NT/Q

which, by the definition of function ¢(w), is zero.
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624 e In (iii), the error & = & (x]",, h) is due to approximating g(w, A) by its localized, periodic approx-

TL]’

625 imation g(w,A), and is defined by

626 & =& (xp,h) = /T q(w) (§(wp, —w, AT) — g(w, —w, AT)) dw. (5.31)

627 Using (4.29) with q(w) € L*(R) and its boundedness in R, we obtain &;(x™ X, h) =0 (h?) as h — 0.

628 e In (iv), & = &(xy';, h) is the boundary truncation error defined in (4.5), satisfying |&] < K Are P!
629 where K and K3 are positive constants independent of h, hence & (x';, h) = O(he_%) as h — 0.

630 o In (v), & = &(x7),h) = 75 g(wn — w, AT) (q(w) — q(wy)) dw. By the “cancelation properties”

631 of the Green’s function [30, 36]), noting the continuity of ¢(-), we have &.(x;';,h) — 0as h — 0.

e Letting £(x7';,h) = &(x}';, h) concludes the proof. O

633 For a test function ¢ € G(2*) N C>(Q2*), we have the lemma below.

su Lemma 5.4 (Test function in G(Q*) NC*(2¥)). Let ¢ € G(2~) NC*(Q~). For any x;';, n € {—N/2+
o5 1,...N/2—1},7€{0,...,J} andme {1,...,M},
Nt/2—-1
636 Aw Y Gaa O = o+ AT Lo+ T+ O (BP), (5.32)
I=—N1/2

637 where the operators L and J are defined in (3.4).

e  Proof of Lemma 5.4. Since we apply the Fourier transform and inverse Fourier transform with respect
639 to w, we fix a = a; and 7 = 7,. Instead of ¢p(w, a;, 7)), we will write ¢(w), which is a smooth univariate
sa0 function of w € R. Since ¢(w) does not need to be in L!(R), we apply a similar smooth cut-off function
s1 as in Lemma 5.3 to obtain a smooth function x(w) that is in L!(R), bounded in R, and agrees with ¢(w)
2 In [wjnm, whax]. With this in mind, starting from the left-hand-side of (5.32), we apply steps (i)-(iv) in
ss3 (5.29), noting that the projection error &(xy';, h) associated with the smooth function x(w) becomes
s (also noting x(wy) = ¢7})

whae Nt/2—1
Eo(x75, h) = / T [ > x(w)gi(w) = x(w)| §(wn —w, A7) dw = O(h?).
Ymin L j=_Nt/2

ss Here, we used Taylor series expansions and the form of ¢;(w) given in (4.21). This gives

Nt/2-1 .
647 Aw Z -1 X5 = / x(w) g (w, —w, A7) dw + O(h?)
I=—NT/2 T
o4 =[x glwn) + O(h?) = F7HF[X(n) G (n, AT)] (wa) + O(h?),  (5.33)

s9 where [x * g] denotes the convolution of x(w) and g(w,A7). In (5.33), with ¥(n) given in (4.27),
s expanding G(n, A7) = VWA by a Taylor series gives

o1 gl (wn) = FHFIm) (1+Y0)AT + R)AT?))] (wn)

652 = x(wn) + ATFHF [X](n) © ()] (wn) + AT FHF [X](0) R ()] (wn),  (5.34)

63 where R(n) = $U(n)2e? M, ¢ € (0, A7), is the remainder.
e« For the second term A7F~1[](w,) in (5.34), first, using the closed-form expression for ¥(n) in (4.27)

655 gives
0.2 0.2 o)
so T W) = F |~ Gt (7= 2= G = 8) v+ Nk A [ k) o) | )
657 = F[Lx + TX](n). (5.35)
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Then, substituting (5.35) into the second term A7F 1 [] (wy,) in (5.34) gives
ArFHF X () W ()] (wn) = AT [Lx + T - (5.36)
For the third term A7T2F ! [|(w,) in (5.34), we have

A7 ) Bl = o] [T emmere)| [T e ) dol ol
< o [l do [ IR dy
Doart [Tl du [T SR o gy
< ae [T do [T L et ay
(i) O(AT2). (5.37)
Here, in (i), we use R(n) = %\11(77)2@‘1’(’7)E and Re(¥(n)) is the real part of ¥(n). In (ii), using the

closed-form expression of ¥(n) in (4.27) and noting that Re(B(n)) < 1 and r > 0, we have

Re(¥(w)) = —50*(2mn)? — (r + A) + ARe(B(n) < —0*(2m)”.

In (i), we note x(w) € L'(R), and the second integral is bounded by a constant, since |¥(n)[? is a
quartic polynomial in 7, and ffooo |77|k e‘éfﬁ(%mzdn, k € {0,1,2,3,4}, are bounded. Substituting (5.36)
and (5.37) back into (5.34), noting (5.33) and the definition of x(w), gives

Nf/2-1
Aw D Gna ol = op+ATILO+ TGl + O(h?). (5.38)
I=—Nt/2

O
We are now ready to present a proof of Lemma 5.2.

Proof of Lemma 5.2. Since ¢ € C*(9*) and Q2 is bounded, ¢ has continuous and bounded derivatives of
up to second-order in 2. We now show that the first equation of (5.28) is true, that is,

21 = min (O (), DI ()} = Fa (.0 () + € () € + O(R) + £(x, )
if Wmin < Wy < Wmax, CrAT <aj <ay, 0 < Tpy1 < T,
where operators C;”;rl() and D;”;rl() are defined in (5.24). In this case, operator C;"JH() is written as

N/2—1

1 ~
O =g ot e - a0 X e sw (341 00)
! T l—%/:Q—H WZ”jG[OCrAT}( b H )
—N/2 Nt/2—1
SIS SR RN RN Sl AR C Rl R )
I=—Nt/2 I=N/2

where (;NS;'; +f ("yl”}) =TZ{o(x")+¢} (ln (max <ewl -5 ewjnin>> ,aj — ’yl";) + 5 (5.40)

Condition (5.27) implies that, for any w; € (Wmin, Wmax), €% — G > eWhin for all VG € [0, C, AT,
and hence, we can eliminate the max(-) operator in the linear interpolation operator in (5.40) when
775 € [0, CyAt]. Consequently, with " € [0, CrAT], (5.40) becomes

m m @ 1 wy m ) m o((A A 2 m

o+ f (71,]') =9 ( n (6 - ’Yz,j) 2 @ = Y] Tm) +&+ (Aw + Aamax)” ) + 77

Do e (1= e 6w — (G0)E) + O (R?). o4
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Here, in (i), due to linear interpolation, we obtain an error of size O ((Aw + Aamax)2>, and also we
can completely separate £ from interpolated values; and in (ii), we apply a Taylor series to expand
1) (111 (e“’l — 7{3) s @ =N Tm> about (wy, aj, 7, ), noting M= O(AT).

In (5.41), since the control yl’:"j can be factored out completely from the objective function, namely
e (1 — e ()] — (qﬁa)ffj), we define a new control variable 47" = 4y /Ar € [0,C,]. With this in
mind, let ¢' (¥,%’) be a function of 4 € [0,C;] and x’' = (w',d’,7") € Q> defined by

¢/ (,_AY’X/) _ y (1 —e Yoy <X/> — ¢a (XI)) » Wmin <' w' < Wmax, CrAT < a <ayj, 0< T < T, (542)
0 otherwise.
Using (5.42), operator C;";(+) in (5.39) can be written as
1 Nf/2-1 Nt/2-1
Crite) = oot dw Y Gea @yt (1-Dw Y ga | +O(h7)
I=—Nt/2 I=—NT/2
Nf/2-1
—Aw Z Gnt_sup o (3.x]3) (5.43)
For the term Aw ), gn— ¢y in (5.43), using Lemma 5.4 on the smooth function ¢(-) at X, gives
Nt/2—1
Aw D G o7 = e+ AT[LO+ Tl + O (BP) . (5.44)
I=—Nt/2

Regarding Aw ZN/2N1/2+1 Gn—15UPs¢(o,c,] ¢ () in (5.43), note that supsep ¢, ¢’ (4, %) is a function of X/,

and is in G(£2*). Applying Lemma 5.3 on {XZJ’SHP%[O,(JT] ¢ <?y,xﬁ.> }, l=—-NT/2,... NT/2 -1, gives

Nf/2-1 m
Aw Z Jn—1 Sup ¢ (’77 X ]) [ sup ¥ (1 - 6_w¢w - ¢a) + O(h2) + 5( Xn,jo h) (5'45)
l——NT/2 4€[0,C] 7€[0,Cr] n,j
where £(x7';,h) — 0 as h — 0. Also, in (5.43), the term Aw ZNT/?\,TIQ Gn_1 = e "A7 by (5.1). Substi-
tuting this result and (5 44)-(5.45) into (5.43) gives
m+1 ( ¢m+1 N —w " m
Crit() = —[Lo+ T, sup Y (1 —e Yhuw —¢a)| +1&+O(h) +E(xp,h)
7 AT A€[0.Cr] n.j ’

m—+1

+ 76+ O(h) + £(x5, h).
4€[0,Cr]

i) [qu —Lop—Tp— sup A (1—e “ou — da)

n7j

Here, in (i) we have 5 <1 - Aw ZNT/?VT% Gn— l> =r&+ O(h). In (ii), we use

(7 ) (¢T)m+1+0( )y (Pl = (Suhii ™ + O (h), (¢a)iy = (da)i ! + O (h).
This step results in an O (h) term inside sup; (-), which can be moved out of the sup; (-), because it
has the form K(9)h, where K (%) is bounded independently of h, due to boundedness of ¥ € [0, C,]
independently of h.
For operator Dm;rl(-), we have
N/2-1

DIrH() = (¢Zj;r1 +§> —Aw Y Guo sup | (&;j;. +f (ﬁnj))

I=—Nj2+1  GE(CrATa,
—N/2 Nf/2-1
—Aw Y Got (W) —Aw D Gay (65 +6), (5.46)
I=—N1/2 I=N/2
where 75 + f (775) = T{6 (x™) + €} (In (max (e = af5, e ) ) oy = 9%)  (547)

+ 751 = p) + pCrAT —c.
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Since 7]} € (C; AT, aj], we cannot eliminate the max(-) operator in linear interpolation in (5.47), hence

T{o (™) + &} () = 6 (In (max (¢ = 73) e ) aj = 3, 7n ) + & + O(h?).
Let ¢ (,x’) be a function of v € [0, a] and x" = (w',d’,7") € Q> defined by

& (%) = {M(’y)qﬁ(x’) + pCr AT Wipin < W < Wax, CrAT < d' <ay, 0< 7 < T, (5.48a)

’ o(x) otherwise, (5.48b)
where M(+) is defined in (3.8b). It is straightforward to show that, for a fixed x’ € Q satisfies (5.48a),
¢" (7;x') is (uniformly) continuous in v € [0, a]. Hence, for the case (5.48a)

sup  ¢"(7,x') = sup ¢" (v,x')= max ¢"(v,x')— max ¢" (v,x')=0(h), (5.49)
~e(CrAT,a’] ~€(0,a/] vE[CrAT 0] v€[0,a']
since the difference of the optimal values of «y for the two max(-) expressions is bounded by C, At = O(h).

Using (5.48), with (5.49) in mind, operator D;';(-) in (5.46) can be written as

Nf/2-1 Nt/2-1
D ) =¢r e [1-DMw > G| —Aw D Ga sup ¢ (v.x7%) + O(h).  (5.50)
I=—Nt/2 I=—Nt/2 v€[0,a;]

Note that sup.epq,) ¢" (7,X') is a function of x', and it is straightforward to show that it is in G(©2~).
Applying Lemma 5.3 to {XTJ"SUPWG[O@] ((;5” ('y,xﬁ.)) }, l=—-NT/2,...,NT/2 — 1, we obtain

Nt/2—1 )
Aw Y Ga sup ¢ (7,x7%) 2 sup M(y)e (xj) + HCr AT + O(h?) + E(x77, h)
l:—NT/Q 76[0@]'] ’YE[O,CIJ']
(2) m+1 m
2 s M) () + O (h) + E(x, ).
’yG[O,aj]
Here, in (i) the error term &(x';, h) — 0 as h — 0, and we use the definition (5.48a) of ¢"(-), and in (ii)

we have M (7)o (xi&) =M()o (X?f) +O (h), which is combined with uC AT = O (h). Substituting
(5.51) into (5.50) gives

DI () = o = sup M(3)6 (xpT) + O(h) + E(x3. ). (5.51)
~v€[0,a]
Overall, recalling x = x™ 1!, we have

n’.j ’

H (b o+ € {0+ €Y e, ) — B (5,0(), Do (%), D26 (%), T (x), M6 (x))
= c(x)§+O(h)+ & h),  if Wmin < Wn < Wmax, CrAT < aj < ay, 0< Ty < T,

n,J’
where ¢(-) is a bounded function satisfying 0 < ¢(x) < r and £(x7';,h) — 0 as h — 0. This proves the
first equation in (5.28). The remaining equations in (5.28) can be proved using similar arguments with

the first equation. 0

Remark 5.2. We emphasize that for the limiting case PT = oo (i.e. AT = 0), the Green’s function
g(w, A1) trivially becomes the Dirac delta function. Thus, for this case, we do not need to use the smooth
cut-off function and the Fourier Transform as in Lemma 5.4. The results in Lemma 5.2, Lemma 5.3
and Lemma 5.4 are still valid for this limiting case.

Remark 5.3. We impose the condition (5.27) to ease the presentation of the proof, i.e. max(-) in the

operator CZ?;FI() can be removed. However, we can avoid this condition by the following steps: if it
T

min’?

/

. ‘ . 1
is not satisfied, we find wy ;. satisfying eWmin — e¥min > C,A7. For the range w € [w w! ], we

employ the idea in [19, Remark 5.1] to solve the HJB-QVI under the original z = € grid using a
finite difference method. For each time T, numerical solutions for w € [wjnin, w! ] (obtained by finite
difference method) and for w € (wl ., Wmax] (0btained by our scheme) can be combined to compute Tpmi+1
solutions in (Wmin, Wmax)- This approach allows for a consistency proof essentially the same. It is also

noteworthy that we show good numerical results in Section 4 without imposing the condition (5.27).
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Remark 5.4. It can be verified that, for a smooth test function ¢ (x), the operator Fy, (X, p1,p2, P3, P4,D5),
defined in (3.10), is continuous in its parameters, i.e. continuous in (X,p1,p2,P3,P4,P5). The same
continuity property also holds for operators Fy_. (X,p1,p2,03,P4), Fw, .. (X,01,02,05), Fuan, (X,P1,02),
Fy,... (x,p1), Fry (x,p1), respectively defined in (3.11)-(3.15).

Wmax
We now verify the consistency of scheme (5.25). We first define the notion of consistency in the
viscosity sense below.

Definition 5.1 (Consistency in viscosity sense). Suppose the discretization parameter h satisfies (4.10).
The numerical scheme (5.25) is consistent in the viscosity sense if, for all X = (w,a,7) € @, and for
any ¢ € G(Q*) NC*(2), with bpi=¢ (X:L”J) and x = (Wn, aj, Tm+1), we have both of the following

timsup Hy (b, o 6, {0+ €}, ) < (Fax)” (%, 6(%), DO(R), D*6(R), T6(%), MO(R)) , (5.52)

h—0, x—X
§—>0

Jiming M (ol e {0l ) 2 (Fos). (% 6(8), DOR). D*0(R). T6(%), MO(R)) - (5.53)
£—0

Below, we state and prove the main lemma on consistency of scheme (5.25).

Lemma 5.5 (Consistency). Assuming all the conditions in Lemma 5.2 are satisfied, then the scheme
(5.25) is consistent with the impulse control problem (3.1) in Q* in the sense of Definition 5.1.

Proof of Lemma 5.5. We first prove (5.52). There exists sequences {h;}i, {n:}, {ji}, {m:}, and {&},
such that

hi — 0, fl — 0, X; = (wni,aji,TmiJrl) - X= (UA),CALJA'), as 1 — o0, (554)

and

lim sup Hmﬁl ( is ¢$1;1 +&, {qbZ“kZ +€i}ki<ji> = limsup ”HmH (h quH +¢&, {(Mnk Jrf}ksj) . (5.55)

i—00 h—0, x—%
§—>0

We first consider the case X € €2;,. Denote by Ar; the time step associated with the parameter h;. For
sufficiently small h;, we have

Wmin < Wp; < Wmax, CrAT; <aj, <ay, and 0 < 7p,41 <T.

According to the first equation of (5.28) in Lemma 5.2, we have
m;+1 m;+1 m;
Hoo, <hi,¢ni,jt +&i, {d)li,ki +§i}ki§ji> (5.56)
= F (xi, ¢ (x:), Do (x:) , D?¢ (x3) , T b (%3) , M (%)) + ¢ (33) & + O (hy) + & ( ™ hi) ,

Combining (5.55) and (5.56), for X € Q,, with continuity of Fj, (see Remark 5.4), we have

limsup H' (h St t &, {01l +£}k§j) < lim sup Fi (xi, ¢ (xi), Do (xi), D*6 (xi) , T 6 (i) , M (xi))

h—0, x—X
5—)0

+ lim sup [c (xi) & + O (hi) + (x5, vhi)}

= Fu (%, 6(%), D$(%X), D*¢(%), T$(%), Mp(%))
= (Fox)" (%,0(%), Dp(%), D*¢(%), T $(X), Md(%)) .

This proves (5.52) for x € Q.
We define Qpg = {wmin U Wmax} X [@min, @max]| X (0, T]. Following similar steps, (5.52) can be proved
for & € O \Qpg, X €y \Qypg, and X € Q

x, leaving X € {24 as a special case to be addressed below.
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We now show (5.52) for special cases, namely X € Q
X € Qq .-

X € Qg and X € (yq. First, we consider

Gmin

For the sequence {x;} — X, we cannot guarantee a;, < C,Ar; or a;;, > C,A7; even for a

sufficiently small h;. According to (5.28) in Lemma 5.2, ”Hnm;;;l() is given by

Mt <hi, ¢le+1 + &is {Qﬁlmk + &}k‘q) (5.57)

( Fiy (Xi7 ¢(Xi)a DQZS(XZ), D2¢(Xi)a j¢(xl)7M¢(Xz)) +c (Xl) 61 + O(hl) + 5(Xnmzz7]17 h’l)v
if Wpin < Wy, < Wmax, C.AT; < aj; <ayj, 0< Tm;+1 <T

Fu (%5, 9(xi), Do(x;), D*p(xi), Td(x:)) + ¢ (xi) & + O(hi) + E(x)5, ),
if Wmin < Wp,; < Wmax, 0< aj, < CTATZ', 0< Tm;+1 <T

Fopn (%0, 0(xi), Dé(x4), D2p (%), Td(x4)) + ¢ (%) & + O(h),

if Wmin < Wp; < Wmax, aj;, =0, 0 < 71 < T

Note that the right hand side of (5.57) contains Fj(-), which is problematic since this operator is not
part of Fo~. To handle this, we note that supsep.a/ar ¥ (1 —e Yoy — ¢g) > 0. Using this with the

definition of F,

Gmin

() and Fj/(-) in (3.11) and (5.26), respectively, for amin < aj, < CrAT;, we obtain

Fy (xi, p(xi), Do(xi), D*¢(xi), T (%)) < Fupy (%0, 9(xi), DO(x:), D*p(xi), Th(xs)) -

Using this result to eliminate Fj(-) from lim sup ’H;”;rl() gives

lim sup
h—0, x—%
£—=0

which proves (5.52) for x € Q
We now prove (5.53) for X € Q~, which can be proven in the same manner except the case X € 2

xeQx

wa
similarly.

1—00

min

Hi (hoomtt + € {or + €}, .,) < lim sup Fo (i, ¢(x), DO(xi), D*6(xi), T6(x:), Mo(x:))

+ lim sup [c (xi) & + E(x0 50 hz)}

< (Fox)" (%, ¢(%), Do(%), D*$(%), T$(%), M(%)) ,

Other special cases are treated similarly.

Gmin *

Gmin?

. For brevity, we only show (5.53) for X € 2 here. The other special cases can be tackled
There exists sequences {h;}, {n:}, {ji}, {m:}, and {&;} satisfying (5.54) and

Qmin

lim inf 24771 <h gty {(b% + 5"}k _ > — liminf_#H7S! (h, ol g, {0 + 5}k<j) (5.58)
i 04 =

h—0, x—%
£—0

Then, for sufficiently large 4, (5.57) holds as discussed above. If 0 < a;, < C,AT;, we observe

sup (1= eTigu (xi) = da (xi) < sup § (1= e (xi) = da (xi))

’?E[O,Gji /ATZ] ':/6[0=C7"]

which implies that

‘Fin’

(Xia ¢(Xi)7 D¢(Xz)7 D2¢(Xi)7 j(lﬁ(Xﬁ) > Fi (xi7 ¢(Xi)7 D¢(xl)7 D2¢(Xi)7 j¢(xl)7 M¢(Xl)) :

Using this result to eliminate Fj(-) from lim inf Hnm;rl() gives

liminf Hy (h, o+ &, { o + 5};@) > liminf Fo- (xi, ¢(xi), Do (xi), D*é(xi), T 6(xi), Mo(xi))
£—0
+ lirginf [c (x)&+ e (X;iji, hz>]
> (Fo~), (%, 6(%), Do(X), D*$(%), TH(%), Mo(R)) -
This concludes the proof. ]
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5.3 Monotonicity
We present a result on the monotonicity of scheme (5.25).
Lemma 5.6 (e-monotonicity). If linear interpolation is used and the weight §,_; satisfies the mono-

tonicity condition (4.33), i.e. Aw ZNT/?VTlﬂ ’ min (-, 0) ‘ < EATT, where € > 0, then scheme (5.25)
satisfies

et (h,vgbjl {a ), Sj) < HL (h,v;yjl {yﬂ}kgj) + Ke (5.59)

for bounded {x}".} and {y]}.} having {x].} > {y]}.}, where the inequality is understood in the component-
wise sense, and K is a positive constant independent of h and €.

Proof. 1t is straightforward to show A?jl () and B:L'fjl (+), defined in (5.23), are strictly monotone, i.e.
AT i) < ATE G ) B o ) < BTN (U ) (5.60)

The proof then boils down to proving e-monotonicity for C;”;fl () and D;”;fl (+), defined in (5.24). Recall
the linear interpolation operator Z{-}(-) in (4.13)-(4.17). Let z'; and ;'; be the results of the linear

operators Z{z™}(-) and Z{y™}(-) acting on {((wl,ak) x}’}c)} and {((wl,ak) yﬁ)} respectively. We

also define for (x,nc);”j, (@) j, (Yioe) " j, and (y,,,p)nj in a similar way that we define (v,np)nj, (Un,p)?j

n (4.18).

For the rest of the proof, let K be a generic positive constant independent of h and €, which may take
different values from line to line. From the boundedness of {27} } and {y;} }, and {27} } > {y/}.}, noting
T{z™}(-) and Z{y™}(-) are linear interpolation operators, we have, for all | = —NT/2,... NT/2 —1,

(yloc)’ln,;—‘r S (xloc)m+ and ‘(ylor)zz—i_ - (xloc)zz'—‘r’ S K, (561)
(ynlc);z;+ S (xnlc)Z;'+ and ‘(ynl(:)’[r’r;'+ - (xrzlc)ﬁ+‘ S K7 (562)

where K is a positive constant independent of h and e.
Next, using (5.61) together with the definition of the operator C:Z]TH (+) in (5.24), we have

+1 +1 +1 +1
Cm (h, U;n] {m%}kg) —C;n] (ha UZL] {ymc}kgj)

1 Nf/2-1 1 Nf/2-1
1 m+ 1
= E m+ — Aw Z gn l xl()( 1§ - E 77:/; — Aw Z gn l leL
i I=—N1/2 I=—N1/2
1 Nt/2—1
< o [Aw D min G O @i - ()|
I=—Nt/2
Nf/2-1
K L K
< Ar Aw Z | min (§,—,0) | | < € (5.63)
I=—N1/2

where the last equality uses (4.33).
Similarly, using (5.62) together with the definition of the operator DZ;”;fl (+) in (5.24) yields

Dl (h, o, {xlk},K) DIt (h,v,T;Ll {yl’fz}kﬁ)

Nt/2—1 KA
. ~ m T
< Aw Z [min (gn—,0)] ’(ynlc);z+ - (xnlc)l7j+’ < e T (5.64)
I=—Nt/2
Putting (5.60), (5.63) and (5.64) together concludes the proof. O
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5.4 Convergence to viscosity solution

We have demonstrated that the scheme (5.25) satisfies the three key properties in Q: (i) oo-stability
(Lemma 5.1), (ii) consistency (Lemma 5.5) and (iii) e-monotonicity (Lemma 5.6). With a provable strong
comparison principle result for €, U ), . , we now present the main convergence result of the paper.

Theorem 5.1 (Convergence in 4, U Q. ). Suppose that all the conditions for Lemmas 5.1, 5.5 and
5.6 are satisfied. Under the assumption that the monotonicity tolerance e — 0 as h — 0, scheme (5.25)

converges locally uniformly in 2, U to the unique bounded viscosity solution of the GMWB pricing

Gmin

problem in the sense of Definition 3.2.

Proof. To clearly indicate the important role of the discretization parameter h, in this proof, we use

xnm;rl(h) = (Wn, aj, Tm+1; h). Furthermore, we use vmjl(h) to denote the numerical solution at the node
x"1(h). We define the w.s.c. (respectively Ls.c.) function 7 : Q* — R (respectively v : 9 — R) by

n?]

v(x) = limsup v:?;rl(h) (resp. v(x) = lim 121f . Umjl(h)) x € Q. (5.65)
h—0 —0
xgjl(h):x ijl(h)ﬁx

We now show that 7(x) (resp. v(x)) is a subsolution (resp. supersolution) in > in the sense of Defi-
nition 3.2. By stability of our scheme in Q> established in Lemma 5.1, functions 7 and v are in G(Q).
Since definition (5.65) implies that 7*(x) = 7(x) and v,(x) = v(x) for all x € 2, we will work with
7(x) and v(x) instead of their respective envelopes.

For the case 7(x), we let X € Q be fixed, and ¢ € G(2*) N C>(2*) such that (i) (T — ¢) (x) has a
global maximum on Q* at x = X, and (ii) ¢ (X) = 7 (X). That is, ¢ (x) satisfies

o(x) > v(x), Vxe0 and x # X,
b(x) = T(x), x=%
Consider a sequence of grids with discretization parameter h; such that h; — 0asi — oo. We denote by

Q, the grid parameterized by h;, noting that Qp, — Q~ asi — oo. Let xm’H(hl) = (Wn,, Gy Tmy+1; i)
be a node in > such that

(5.66)

m;+1 mi+1
/Unilvji (hi) = qulm

(h;) is a global maximum on €y, (5.67)

NisJ4

where ¢ (x) is the test function satisfying (5.66), with the usual notation (bmlﬂ (hi) = ¢ (xmi{rl (hz))
First, we note that

m;+1
Xni i

(h;) > % and also x hi) = %X, as i— oc. (5.68)

n](

In addition, for any finite discretization parameter h;, the global maximum in (5.67) is not necessarily

zero, as Xnm;;l(hz) = X is not necessarily true. Since ¢(-) satisfies (5.66), we have
v;Z’;:l (h;) = qbnmj;:l (h;) + &, where & —0, as i — oo. (5.69)
Because the global maximum (5.67) is attained at xzz_le(hi), we have that, for all /; and k; used in the
scheme ’Hmﬂrl <h“v$z;§1(h ) {vl e, (hi )}ki<ji>7 we have
vk, (ha) = &%, (h) < ot (he) — ol (ha) = &, (5.70)

where &; is defined in (5.69). Using (5.69), (5.70), and the monotonicity result in Lemma 5.6, we obtain
— i+1 1+1 )
0 = wnt (hee o o )}, )
> i ( O (k) &, Lo, () H &) ) e, (571)
where C > 0 and ¢; — 0, as i — o0.
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Letting ¢ — oo and using the consistency result from Lemma 5.5, (5.71) gives

0 > liminfH™it! hh¢m”4(h0—+@,{¢7%(h0—%&} —liminf C¢;

1—00 NiyJi NisJ4 2yt sz]z 1—00
This shows that T(x) is a subsolution in £2* in the sense of Definition 3.2. A similar argument shows that
v(x) is a supersolution in . By definition of 7(x) and v(x) in (5.65), we have that 7(x) > v(x), Vx € Q.

v

Since a strong comparison principle result holds in O, U Q,, ., we have 7(x) < v(x), Vx € ;, UQ

Gmin *
Therefore, v(x) = U(x) = v(x) is the unique viscosity solution in €, U, . . As a result,
_ - +1
v(x) = +111n}H0 vp (R),  for x € Oy U Qg
x, T (h)—=x
from which we obtain that convergence is locally uniform. O

6 Numerical examples

In this section, we provide selected numerical results of our e-monotone Fourier method applied to the
the impulse control GMWB pricing problem. For all experiments, unless otherwise noted, the details of
the mesh size/timestep refinement levels used are given in Table 6.2. As noted previously, for practical

purposes, if P! is chosen sufficiently large, it can be kept constant for all refinement levels (as we let
.|.

h — 0). For our numerical experiments, we use wmin = In(29) — 10 and wyax = In(20) + 10, and wy;,
and w:fnax constructed as discussed in Remark 4.1, so wpyin = In(zp) — 20 and w;rnax = In(zp) + 20. Tests
with larger intervals also show negligible effect on numerical solutions.

Our numerical prices are verified against those produced by two other methods, namely (i) Finite
Difference (FD) methods ([19] and [40]), and (ii) Monte Carlo (MC) simulation. To carry out Monte
Carlo validation, we proceed in two steps. In Step 1, we solve the GMWB pricing problem using the

212 w-nodes, 401 a-nodes,

proposed e-monotone Fourier method on a relatively fine computational grid (
and 480 timesteps). During this step, the optimal controls are stored for each discrete state value and
timestep. In Step 2, we carry out Monte Carlo simulations from ¢ = 0 to ¢ = T following these stored
PDE-computed optimal strategies, using linear interpolation, if necessary, to determine the controls for
a given state value. For Step 2, a total of 10° paths is used.

Motivated by findings in [19], [40], a sufficiently small fixed cost ¢ = 107% is used all numerical tests.
For user-defined tolerances € and ¢; in Algorithm (4.1), we use ¢ = €; = 1076 for all refinement levels.
Through numerical experiments, it is observed that using smaller € or €; produced virtually identical

numerical results, indicating that this value of € and € are sufficient for all practical purposes.
Level N J M

Parameter Value

Expiry time (T') 10.0 years <711i)) (@) (1)

Interest rate (r) 0.05 0 2 51 60
i i 1 211101 120

Maximum withdrawal rate (G,) 10/year 1

Withdrawal penalty (u) 0.10 2 213 201 240

Initial Lump-sum premium (zg) 100 3 2 401 480

4 21801 960

Initial guarantee account balance (= zp) 100

Initial sub-account value (= z) 100 TABLE 6.2: Grid and timestep refinement
levels for numerical tests; wmin = In(zp) —
10 and wmax = In(z) + 10; wh . and wi

min max

TABLE 6.1: Common GMWB pa-

rameters used in the numerical tests constructed using (4.7).

6.1 Validation examples

6.1.1 No Jumps — the GBM model

In this example, we repeat some numerical examples in [19] where (2.2) is a GBM. Table 6.3 presents
convergence results for o = {0.2,0.3}, assuming a zero insurance fee and continuous withdrawal. To
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provide an estimate of the convergence rate of the algorithm, we compute the “Change” as the difference
in values from the coarser grid and the “Ratio” as the ratio of changes between successive grids. The
numerical results indicate that first-order convergence is achieved for the algorithm. Results obtained
by MC simulation also indicate excellent agreement with those obtained by the proposed e-monotone
Fourier method

o =10.20 o =0.30

Method Level Value Change Ratio Value Change Ratio
0 107.7726 115.7736

e monotome 1 107.7573  -0.0153 115.8422  0.0686

Fourier 2 107.7481 -0.0092 1.65  115.8716 0.0294 2.33
3 107.7423 -0.0058 1.59  115.8834 0.0118 2.49
4 107.7391 -0.0032 1.83  115.8881 0.0047  2.50

FD 107.7313 115.8842

MC 95%-CI  [107.6020, 107.8430] [115.6192, 116.0480]

TABLE 6.3: Convergence study for the value of the GMWB guarantee at t = 0, z = a = 100. No
insurance fee (8 =0) is imposed; FD benchmark value is from [19] (Table 3, finest grid).

6.1.2 Jumps — log-normal

In this test, In4 is normally distributed with its density function b(y) given by (2.3). Table 6.4 shows
the parameters of the log-normal jump process, taken from [42]. Table 6.5 presents the convergence
results with 0 = 0.3, assuming a fair/no-arbitrage insurance fee of § = 0.045452043 and continuous
withdrawal. As stated in [42], since the no-arbitrage fee is imposed, the exact price is 100. It is observed
from Table 6.5 that numerical prices produced by our method exhibit (first-order) convergence to this
exact price. Results obtained by MC simulation also indicate excellent agreement with those obtained
by the proposed e-monotone Fourier method.

Method Level Value Change Ratio
0 100.2822
Parameter Value - monotone 1 100.1391  -0.1432
S 0.45 Fourier 2 100.0694 -0.0696 2.06
v 0.9 3 100.0350 -0.0345 2.02
A 0.1 4 100.0177 -0.0173 1.99
TABLE 6.4:  Jump FD 100.00003
MC 95%-CI  [99.9056, 100.1010]

parameters for log-
normal distribution

TABLE 6.5: Convergence study for the value of the GMWB guarantee at
t=0,z=a=100. 0 = 0.3 and fair insurance fee (8 = 0.045452043) is
imposed; FD benchmark value is from [42] (Table 7.4, finest grid).

6.1.3 Jumps — log-double-exponential

In this test, In 1) is double-exponential distributed with its density function b(y) given by (2.4). Table 6.6
shows the jump diffusion parameters. Since a reference price for this case is not available in the literature,
we implement the FD scheme proposed in [19], originally developed for diffusion processes. For the finest
grid (i.e. the level 5 grid and timestep data used in [19, Table 2]), the FD benchmark value in this case
is 118.4130. Table 6.7 presents the convergence results ¢ = 0.3, assuming a zero insurance fee and
continuous withdrawal. Results obtained by Monte Carlo simulation also indicate excellent agreement
with those obtained by the FD and the proposed e-monotone Fourier method
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Method Level Value Change Ratio

Parameter Value

0 118.3453
Pu 0.3445 1 118.3905  0.0452
m 3.0465 e-monotone 118.4097 0.0192  2.35
12 3.0775 Fourier 3 1184172 0.0075  2.56
A 0.1 4 118.4200 0.0028  2.63
TABLE 6.6:  Jump FD 118.4130
parameters for log- MC 95%-CI  [118.1679, 118.7308]
double-exponential
distribution TABLE 6.7: Convergence study for the value of the GMWB guarantee at

t=0, z=a=100; o0 = 0.3 and no insurance fee (8 =0).

6.2 Wrap-around errors

6.2.1 Application of Theorem 4.1

In this experiment, we numerically illustrate that the proposed treatment of the wrap-around error is
sufficient, i.e. the wrap-around error is bounded Theorem 4.1. For brevity, we present only results of the
GBM case with 0 = 0.2. Results of other cases are similar, and hence omitted.

First, we note that the condition (4.38) of Theorem 4.1 is satisfied due to stability by Lemma 5.1.
To numerically check condition (4.39), using similar notations in Subsection 4.4, we denote

—N/2—-1 Nf/2-1
SUMiger = Aw > [§(0)], SUMpgur = Aw > [§(0)], SUM = Aw Y §(0).
t=—NT/2 (=N/2+1 LeNT

Table 6.8 presents select results. Using the padding technique presented in Subsection 4.4, it is clear
from Table 6.8 that the approximations of the Green’s function on the left and right padding areas,
namely the quantities SUMgpr and SUMganr, are negligible. It is worth noting that condition (4.39) is
fulfilled for all refinement levels with the same user-specified numerical tolerance €.. Also from Table 6.8,
it is clear that the total sum of the approximations of the Green’s function approximately equals e~ ™27

for each level, which agrees with (5.1).

Level €AT/2 SUM_grr SUMgicnr SUM

0 8.33333e-10  7.14037e-16 6.74673e-16 0.991701
4.16667e-10  8.71373e-16  7.75466e-16  0.995842
2.08333e-10  9.34340e-16  1.00408e-15 0.997919
1.04167e-10 1.17304e-15 1.15816e-15 0.998959
5.20833e-11  1.23246e-15 1.34286e-15 0.999479

=W N =

TABLE 6.8: The approzimation of the Green’s functions for the GBM model with e, = 1078,

6.2.2 Padding areas

Numerical results presented so far are based padding areas constructed via (4.7). In this experiment, we

numerically demonstrate that larger padding areas are not needed. To this end, we use

w;rnin = Wmin — 1.5 (wmax - wmin) and wjnax = Wmax + 1.5 (wmax — wmin) s

and NT = 4N. For fair comparison, we utilize the same padding techniques and the same Aw with
previous numerical tests, where (4.7) and N = 2N are employed. The numerical prices of this test are
reported in Table 6.9 (col. “Value”). They are to be compared with numerical prices from Tables 6.3,
6.5, 6.7 (col. “Value”), which, for convenience, are also included in Table 6.9. It it evident from Table 6.9
that using a larger padding area virtually does not affect the numerical prices. This confirms that our
choice of the padding areas in (4.7) is sufficiently suitable for practical purposes.
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GBM model log-normal log-double-exp
Level o =10.20 o =0.30 distribution distribution
Value Value Value Value Value Value Value Value
(Tab. 6.3) (Tab. 6.3) (Tab. 6.5) (Tab. 6.7)

0 107.7726  107.7726 115.7735 115.7736 100.2823 100.2822 118.3451 118.3453
1 107.7574  107.7574 115.8420 115.8422 100.1390 100.1391 118.3903 118.3905
2 107.7481 107.7481 115.8714 115.8716 100.0696 100.0694 118.4096 118.4097
3 107.7423  107.7423 115.8832 115.8834 100.0352 100.0350 118.4172 118.4172
4 107.7391 107.7391 115.8879 115.8881 100.0180 100.0177 | 118.4201 118.4200

TABLE 6.9: Prices obtained using larger padding areas with 0 = 3 in (4.7) and NT = 4N. Compare with
prices in Table 6.3, 6.5, 6.7 where (4.7) is used and Nt = 2N.

6.2.3 Zero padding technique

We redo all the above experiments using the zero padding techniques proposed in [1, 45], and prices
obtained from these experiments are presented in Table 6.10. These prices are to be compared with
numerical prices from Tables 6.3, 6.5, 6.7 (col. “Value”), which, for convenience, are also included in
Table 6.10.

GBM model log-normal log-double-exp
Level o =10.20 o =0.30 distribution distribution
Value Value Value Value Value Value Value Value
(Tab. 6.3) (Tab. 6.3) (Tab. 6.5) (Tab. 6.7)

107.4793 107.7726  115.3974 115.7736 | 99.7237 100.2822 | 117.9545 118.3453
107.4458 107.7574 1154431 115.8422 | 99.5491 100.1391 | 117.9760 118.3905
107.4274 107.7481  115.4608 115.8716 | 99.4636 100.0694 | 117.9831 118.4097
107.4170 107.7423 1154668 115.8834 | 99.4211 100.0350 | 117.9847 118.4172
107.4115 107.7391 1154686 115.8881 | 99.3999 100.0177 | 117.9846 118.4200

- W NN = O

TABLE 6.10: Results using zero padding technique. Compare with results in Table 6.3, 6.5, 6.7 where the
asymptotic boundary conditions are used.

It is evident from Table 6.10 that numerical prices obtained using the zero padding technique do
not converge to the same prices as those obtained using our padding techniques. Specifically, numerical
prices in the former case are consistently smaller than our numerical prices, with the contamination
appears to be more severe with jumps-diffusion models. This is expected as the zero padding technique
tends to underprice a GMWB as e¥ — 0. These results indicate that the zero padding technique is not
suitable for use in pricing GMWB.

7 Conclusion

In this paper, we develop an e-monotone numerical Fourier method for the HJB-QVTI associated with an
impulse control formulation arising in the pricing of GMWB under jump-diffusion dynamics. We propose
an efficient implementation of the scheme via FFT, including a proper handling of boundary conditions
and padding techniques. We mathematically prove that our padding techniques can effectively control
wraparound errors in the numerical solutions. We appeal to a Barles-Souganidis-type analysis in [14],
to rigorously prove the convergence of our scheme the unique viscosity solution of the HJB-QVI as the
discretization parameter and the monotonicity tolerance e approach zero. Although we focus specifically
on GMWB, our comprehensive and systematic approach could serve as a numerical and convergence
analysis framework for the development of similar weakly monotone methods for HJB-QVIs arising from
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Appendix A  Wraparound error

To avoid subscript clutter, in this appendix, we use the notation g(n — 1) = g,—; and u™(n) = «*. Noting this
notation, the equation (4.37) becomes the following generic recursion

Nf/2-1
u™n) = Aw > gn-1)u"'(1), N'e{N,2N4N,..},
I=—Nt/2

As an example of wraparound error, we examine a worst case term in equation (A.1) below. Consider the term in
(A.1) corresponding to n = —N/2+1, which corresponds to the node having w adjacent to wmyiy, and [ = NT/2—1,
namely

Aw §(—=N/2+1—NT/2+1) u™ 1 (NT/2 - 1). (A1)
By periodic extension, we shift the argument of §(-) by NT, resulting in
G(-N/24+1—-NT/241)=G(-N/2+1-NT/24+1+N") =G(-N/2+ NT/2+2),
and hence, the term (A.1) becomes
Aw G(—N/2+ NT/242) «™ 1(NT/2 - 1).
Hence, in this extreme case, equation (A.1) becomes

Nt/2-2
u™(=N/24+1) = Aw §(—=N/2+ NT/2+2) u™ L (NT/2 - 1) + Z ( remaining terms ). (A.2)
I=—N1/2
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Example 1 (No padding: Nt = N). Suppose we do not use any padding, so that that NT = N. In this case,
equation (A.2) becomes
N/2-2
u™(=N/2+1) = Aw §(2) u™ (N/2-1) + Z ( remaining terms ). (A.3)
I=—N/2
Since, in general, §(2) is not small, we can see that the term u™ 1(N/2—1) has a considerable effect on
u™(—=N/241), which should not be the case. We can see here that the periodic extension of § causes a wraparound

effect.
Example 2 (Padding: NT = 2N). If Nt = 2N, then equation (A.2) becomes

Nt/2-2
u™(=N/24+1) = Aw G(N/2+2) u™ H(NT/2 1) + Z ( other terms ). (A.4)
I=—Nt/2
In this case, from (4.6), we have selected N sufficiently large so that g(1) ~ 0,1 > N/2 and | < —N/2, hence the

leading term in equation (A.4) is small, and hence, wraparound error is reduced.

Now we proceed to proving Theorem 4.1.

Proof. Using |u"| < C,l = — NT/2,...,N7/2 —1 and equation (4.38) gives
Nt/2-1
Corp < Cmgx{Aw > lan—1) (1{(nz)<m/2} +1{(nz)>Nf/21}>}- (A.5)
I=—Nt/2

Recall that n € {—N/2+1,...,N/2 — 1}, hence the worst case values of n on the right hand side of equation
(A.5) are n = —N/2+ 1 and n = N/2 — 1. Therefore, equation (A.5) gives

Nt/2-1
Corp < CAw Z lg(N/2 —1— l)‘l{(N/2717l)>NT/271}
I=—Nt/2
Nf/2-1
+ CAw Z 19(=N/2+1 =1 L—n/2+1-1)<-N1/2}- (A.6)
I=—Nt/2

Also, since N = NT/2 equation (A.6) becomes

Nt/2-1
ery, < CAw > [GINT/4=1—1)] Lyntjas1-nsni/z—1)
I=—Nt/2
Nf/2-1
+ CAw Z G(—NT/4+1-1)] 1o Nt/a41-1)<—N1/2}
I=—Nt/2

and eliminating the indicator functions gives

*NT/471 NT/Zfl
en, < CAw > [GINT/A—1-D] +CAw Y |g(-NT/a+1-1).
I=—NT/2 I=Nt/4+2

Shifting §(-) by £NT so that the argument of §(-) is in the range [-NT/2, NT/2 — 1], implies

—NT/a-1 Nf/2-1
er, < CAw > |g(NT/A—1—-1-NT)| +CAw > [§g(-NT/4+1—1+NT)
I=—Nt/2 I=NT/4+2
—NT/a-1 Nf/2-1
= CAw Y [g(=3NT/A—1-1) +CAw Y |gBNT/4+1-1).
I=—Nt/2 I=Nt/442

Rearranging the indices, gives

—Nt/4-1 Nt/2-1
er, < CAw > [g0)] +CAw > |30, (A7)
I=—NT/2 I=Nt/442
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which, since N = Nt/2, implies that equation (A.7) satisfies

—N/2—-1 Nf/2-1
er, < CAw > g +CAw Y |30
I=—N1/2 I=N/2
= CeAr, (A.8)

where the last step follows from (4.39). Applying equation (A.8) recursively gives the bound T'Ce,.

Appendix B Proof of a strong comparison principle

In this section, we prove a comparison principle in £, U Q for the GMWB impulse control pricing problem

Qmin

given in Definition 3.1. As the first step, in the next subsection, we will establish equivalence between relevant
definitions of viscosity solutions for this problem.

B.1 Definitions of viscosity solution

For HIB-QVTs of the form (3.16), there are two alternative definitions of viscosity solution available in the literature.
The first definition, previously presented in Definition 3.2 and reproduced in Definition B.1 below, is similar to
[27, Definition 4.1], [6, Definition 2|. It appears that, for convergence analysis of a numerical scheme, it is often
more convenient to use this definition.

Definition B.1 (Viscosity solution of equation (3.16)). A locally bounded function v € G(2*) is a viscosity
subsolution (resp. supersolution) of (3.16) in Q= if for all test function ¢ € G(Q®) N C=(2*) and for all points
% € O~ such that (v* — @) has a global mazimum on O~ at X and v*(X) = ¢(X) (resp. (v — @) has a global
minimum on Q= at X and v.(X) = ¢(X)), we have

(Fox). (%, (%), Do (%), D?*6(%), T$(%), Mé(%)) < 0, (B.1)
(resp. (Fow)” (% 6(X), DO(R), D*6(R), TH(X), Mo(X)) > 0,)
where the operator Fo~(-) is defined in (3.9). A locally bounded function v € G(2*) is a wviscosity solution in

Qin U Qq,... if it is both a viscosity subsolution and a viscosity supersolution in ;U Q

The second definition is similar to [56, Definition 9.6], [61, Definition 5.3], [6, Definition 1], [60, Definition 2.2],
and [27, Definition 4.2], which it is presented in Definition B.2 below. We find that it is more convenient to use
this definition to prove a comparison principle.

Qmin *

Definition B.2 (Viscosity solution of equation (3.16)). A locally bounded function v € G(2°) is a viscosity
subsolution (resp. supersolution) of (3.16) in Q> if for all test function ¢ € G(Q®) N C=(2*) and for all points
% € O such that (v* — @) has a local mazimum on Q= at X and v*(X) = ¢(X) (resp. (v« — @) has a local minimum
on Q% at X and v.(X) = ¢(X) ), we have

(Fax), (%, 6(%), Do(%), D*¢(X), Tv* (X), Mv* (%)) < 0, (B.2)

(resp.  (Fax)" (%,0(%), Do), D*$(%), Tv. (%), Mu. (X)) 0,)

where the operator Fo~(-) is defined in (3.9). A locally bounded function v € G(2*) is a viscosity solution in
QU if it is both a viscosity subsolution and a viscosity supersolution in Q;, U Q

Proposition B.1. For the impulse control problem stated in Definition 3.1, Definition B.2 and Definition B.1
are equivalent.

IV IA

Qmin Qmin *

Proof. For a fixed x € O, and § > 0, we define Bs(x) = {y € 0~ : |x —y| < 6}.
Definition B.2 = Definition B.1: Since the jump operator J and intervention operator M are non-decreasing, it
is straightforward to prove this part using the ellipticity of Fae(+).
Definition B.1 = Definition B.2: In the below, we prove the “subsolution” case of this direction of implication.
(The “supersolution” case can be handled similarly, and hence is omitted for brevity.) Specifically, assume that
we are given (i) v as a viscosity subsolution in the sense of Definition B.1; and (ii) an arbitrary test function
¢ € G(Q2*)NC*(2~) such that (v* — ¢) has a local maximum at a point X € Bs(X) C 2~ for some § > 0, and that
v*(X) = ¢(X). We now show that the inequality (B.2) holds.

Since v*(x) is upper semi-continuous, there exists ¢’ € G(Q2*) N C*(92*) such that, for any ¢ > 0, we have
v*(x) < ¢'(x) < v*(x) +€ ¥V x € Q. Let us consider a smooth cut-off function ¢(x) such that

0<C(x) <L ¢(x) = 1¥x € Bypp(R): ((x) =0 vx e {2\ Bs(R)} .
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We then define a new function ¢(x) := {(x)p(x) + (1 — {(x)) ¢'(x), x € O~. By construction of p(x), it follows
that ¢ € G(2*) NC>(2*) and

v(x) < o(x) <v*(x)+e VxeQ® (B.3)

We also have v*(X) = (%), since v*(X) = ¢(x) (by assumptions) and p(X) = ¢(X) by construction of p(x).
Following (B.3), we can conclude that (v* — ¢)(x) has a global maximum on Q> at X and v*(X) = p(X).
Since v is a viscosity subsolution in the sense of Definition B.1, using ¢(x) as the test function in (B.1), we

arrive at (noting that (%) = ¢(%), Dp(%) = Dé(%), D2p(%) = D?¢(x))
(Fox)«(%, ¢(%), Do(R), D*$(%), T (%), Mp(R)) < 0. (B.4)
Using (B.4), we will derive (B.2) case by case, depending where By(%) is in Q.
o We first consider Bs(X) C Q. By definition of Fo«(-) in (3.9), (B.4) becomes
min | ¢, (%) — Lo(X) — T (%) — s F (1= e 0w (%) — da(X)) , d(X) — 721[101?(1]/\/1(v)srﬂ(&) <.

If the first argument in the above min operator is less than 0, using (B.3), we have that

¢r (%) = LX) — sup F(1—e V(%) — ga(])) < /\/oo p(w+y,a,7) bly) dy

4€[0,Cy]
< /\/ (w4y,a,7)+¢€) bly) dy
= (X) + Ae. (B.5)

Otherwise, if the second argument in the above min operator is less than 0, using (B.3) again gives

P®) < il[tp][ ¢ (In(max(e" —v,e")),a =7, 7) + (1 — p)y —

< sup [U* (ln(max(e“’ -7 ew-oc))v a—7, T) +e+ (1 - H)’Y - C]
~v€[0,a]

sup M(7y)v*(X) +e. (B.6)

~v€[0,a]

Combining these two cases (B.5) and (B.6), and letting ¢ — 0, we have that

min | ¢, (%) — Lo(X) — Tv* (%) — sup § (1 —e "ou(®) — ¢a(%)), 6(X) — sup M(y)v*(%)| <0,

4€[0,C.] ~v€[0,a]
which implies that
(Fox)«(%, 6(%), Do(%), D¢ (%), Tv* (%), Mv* (%)) < 0. (B.7)
e The other cases when Bs(X) C Q. Qx Q5. Q¥ or Q... can be treated similarly.

e We then consider a special case when Bs(%X) C €, U Qy . and X € {Wnin} X (@min, Gmax] X (0,7]. By
definition of Fo=(-) in (3.9), (B.4) becomes

min [Fy,,,, (% (%), Do(X), Mp(%)), Fin(%, ¢(X), Do(X), D*¢(%), T p(%), Mp(%))] < 0.
Using the technique in (B.5) and (B.6), we can derive (B.7). All the other cases can be treated similarly.
Finally, we can conclude that v is a viscosity subsolution in the sense of Definition B.2. O

amins following [6][Appendix A] and [5, 61, 65],
in Definition B.3 below, we rewrite Definition B.2 specifically for the sub-domains €2, U €, , without using the
envelopes (Fox ), and (Fo~)*. From the definition of the operator Fo~, we can deal with the liminf and lim sup
operators in ;; U () which yields the following definition of viscosity solution.

To facilitate our proof of a strong comparison principle in Q, U2

Qmin )
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Definition B.3 (Viscosity solution of equation (3.16)). A locally bounded function v € G(2*) is a viscosity
subsolution (resp. supersolution) of (3.16) in QU Q.. if for all test functions ¢ € G(Q*) NC*(X*) and for all
points X € ;, UQ such that (v* — @) has a local mazimum on Q;, U, at X and v*(X) = ¢(X) (resp. (ve— @)
has a local minimum on Q;, U at X and v.(X) = ¢(X)), we have

Gmin

Amin

IN

Fo~ (%, (), D$(X), D*¢(R), Jv* (), Mo*(R)) 0, (B.8)
(resp.  Fo~ (%, 6(%), Do(X), D2H(R), Tv. (%), M. (X)) > 0, )

where the operator Fo~(-) is defined in (3.9). A locally bounded function v € G(2*) is a viscosity solution in
Qin U Qg if it is both a viscosity subsolution and a viscosity supersolution in Q;, U Qq, .

It is straightforward to show that a viscosity solution in €2;, U2
solution in i, U Qq ..

principle in 3, U Q)

amin 111 the sense of Definition B.2 is a viscosity
in the sense of Definition B.3. We will use Definition B.3 to prove a strong comparison

Qmin *

B.2 A strong comparison principle
Next, we follow [61, Lemma 5.10] to introduce a lemma.

Lemma B.1. For the impulse control problem (3.1), there exists a function g € G(2®) NC=(2*) and a positive
function k : Q2 — R such that

Fo~ (x,q(x), Dq(x), D*q(x), Tq(x), Mq(x)) > k, x€Q;,UQ (B.9)

Qmin *

Then, for any viscosity supersolution v in the sense of Definition B.3 in ;, U} U = (1 — %)v + %q, where

m > 1, is a viscosity supersolution in the sense of Definition B.3 of

Gmin ’

Fo~ (x,v(x), Dv(x), D*v(x), Jv(x), Mu(x)) —k/m = 0, x€Q;UQ (B.10)

Qmin "

A proof of the above lemma is straightforward, and hence omitted for brevity. For example, we can define a
smooth perturbation function ¢(x) = a + ¢/r in Q=, with ¢ be the positive fixed cost, and then show that

Fo~ (x,q(x), Dq(x), D*q(x), Tq(x), Mq(x)) > ¢, x€QUQ

Qmin *
Now we can proceed to proving a strong comparison principle in i, U €, ., -
Theorem B.1. Suppose that (i) a locally bounded and wu.s.c. function u : Q* — R is a viscosity subsolution in
the sense of Definition B.3 in ;U Q and (i) a locally bounded and l.s.c. function v : Q> — R is a viscosity

Qmin ’

supersolution in the sense of Definition B.3 in Q;, UQ,, .., such that
u(x) < wu(x), VxeQ, (B.11)
u(x) ;= limsup wu(y) < o(x):= liminf o(y), VxeQr, (B.12)
y—Xx y—Xx 0
yEQinUQamm yeQi?LUQan\iI\
where 5, := {R\ [Wiin; Wmax]} X [@mins Gmax] X (0,T] and Q' := [Wmin, Wmax] X [@mins Gmax] X {0}. Then u < v
mn Qm U Qamin .
Proof. Following [65], we (re)define u and w for x € {Wmin, Wmax} X [@min, Gmax] X (0, T] by
u(x) = limsup wu(y) and v(x)= liminf o(y). (B.13)
y—X y—X
yEQinUQamin yeﬂinUQam;n

From (B.13), we have that u is u.s.c. on Q;, and v is l.s.c. on Qy,, where Q;, is the closure of €, and also the
closure of Oy, U Q.. Let ¢ as given in Lemma B.1, and vy, := (1 — L)v+ Lq for all m € {1,2,...}. Note that
when we impose the operators J and M on u and vy, for any x € ;, UQ,_,., we need to use information from

Q2. Using the condition (B.11), without loss of generality, we set v < ¢ in %,,, which implies u < vy, in these
areas.

It is sufficient to prove that u — v, < 0 for sufficiently large m. Let m be fixed for the moment. To prove by
contradiction, let us firstly assume Q := sup, g [u(X) — v, (x)] > 0. Denote Q = u(X) —vy, (X) with X := (w, @, 7).
. in
If x € Q' , then it contradicts with the condition (B.12).
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e Now we consider the supremum () is approximated from within the sub-domain §2;,, i.e. X is contained

in some open subset G C €, with compact closure G. For any two points x := (w,a.,7.) € G and
y = (wy, ay,7,) € G, we define a test function ¢.(x,y), for any € > 0, such that
|2 1

9 [(wz - wy)2 + (az — ay)2 + (72 — Ty)z] )

(x,y) 1|
X,y) = —|x—
PelX, Y % y

and then we define

Qe=  sup  [u(x) —vm(y) — pe(x,¥)]
(x,y)EGXG

By the definition of u and v,,, the maximum must be attained on the compact set G x G (independent of
¢). Choose a point (x.,ye) € G x G where the maximum is attained. Following [22, Lemma 3.1], we obtain
that 2i5|x8 —y:|? = 0 as e — 0. Without loss of generality, we assume that we have chosen a sub-sequence
of {x.} and {y.}, converging to the same limit X when ¢ — 0. By the definition of ¢., We obtain that
Qe — Q = u(X) — v, (X) for all limit points X of {x.} and {y.}. Let € small enough such that x.,y. € Q.
To ease the notation, we rewrite Mu(x) = sup. [, M (7)u(x) and rewrite the operator Fi,(x,v) as

Fu(x,v) = min [F(x,v(x), Dv(x), D*v(x), Jv(x)),v(x) — Mo(x)] .
Using Lemma B.1, we know vy, (y:) — Mo, (y:) > k/m.

— If u(x.) — Mu(x.) <0, by the definition of M, we have for e > 0, there exists v, € [0, a] such that

Mu(x) < u(In(max(e” —ye,e")),a — 7, 7) + (1 — p)ye —c + ¢,
Muvy (%) = vm (In(max(e” — 5, €)@ — 7, 7) + (1 — p)ye — c. (B.14)
Note that Mu is u.s.c. and Muvy, is L.s.c. see [61, Lemma 4.3]. Thus, we derive that
Q = limsup (u(x:) — vm(ye)) < limsup Mu(x.) — lim inf Mo, (ye) — k/m
e—0 e—0 e—0
< Mu(x) — Moy, (%) — k/m
< Q+e—k/m, (B.15)

which is a contradiction for € sufficiently small, and we use (B.14) in the last inequality.

— If u(x.) — Mu(x.) > 0, we need apply Jenson-Ishii Lemma [22, Theorem 3.2].% To this end, following
[22, Section 8], we make use of the parabolic semijets Pé’iu(xg) and their closures fgiu(xe). Specif-
ically, consider the maximum point (Xx.,y.) € G X G of (u — v, — @), for any a > 0, there exists
(Dxpe, X) € ﬁ?{‘_u(xg) and (Dyp.,Y) € f?i_vm(yg) such that

—3a (é ?) < ()0( _Oy> < 3a (_II _II) (B.16)

and by definition of ¢, we obtain Dxp. = —Dyp. = (xc — ye).
It remains to treat (using Lemma B.1 again)
F (%, u(xc), e (xe = ye), X, Ju(x.)) 0,
F (YE7 Um(}’.e)a Eil(xs - YE)a Y, jvm(}’e)) > k/m (B~17)

Subtracting the above inequalities yields

k/m < F(Ye’vm(}’a)a5_1(xa—YE)vyaij(YE)) —F(Xa,u(xs),e_l(xa—yg),X,ju(XE))
< (P4 A) (vmlye) — ulxe)) + (Tulxe) = Tvm(ye))

where we cancel out the derivative terms. Next, letting ¢ — 0 yields

IA

B < (o —uG) A [ @0+ .0.7) — @+ 0.7)

— (u(%) = vm(%) | b(y) dy
< e, (B.18)

which yields a contradiction.

5In [61], a non-local Jenson-Ishii Lemma (see Corollary 5.13) is applied there, due to the complex structure of the jump
operator. For our case, the treatment of the linear jump operator can be referred to [2].
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Similarly, we can construct a contradiction when the supremum @ is approximated from within the sub-
domain Q,_, -
Next we consider X € {Wmin, Wmax} X [@min; Gmax] X (0,T]. From (B.13), there exists a sequence (denoted
by {z; = (w,a’,7i);i = 1,2,...}) in some open subset of Oy, U Q.. (still denoted by G C Oy, U Q
with compact closure G) converging to X, such that v,,(z;) tends to v,,(X) when i goes to infinity. We only
consider the case when G C (), below, and the other case when G' C Q.
X € {Wmax } X [@min, @max) X (0, T] (the case when X € {win } X [@min, Gmax] X (0, T] can be handled similarly),
we use the technique in [65] to handle the boundary area. Let ¢; = |z; — X|, and set

1 1/d t
pi(x,y) = £|X—Y|2 + 1 (d((;lz)) - 1> + Z|X_X|4’

Qmin

can be handled similarly. If

where d(y) denotes the distance from y to the boundary area, i.e. d(y) = Wmax — wy. Then we define

Qi= sup [u(x) —vm(y) —pi(x,y)].
(x,y)EGXG

There exists (x;,y;) € G x G such that Q; = u(x;) — vm(y:) — i(xi,yi). Denote x; = (w,a’,7!) and

x) 'xy T

yi = (w},al,7,). Moreover, there exists a subsequence of (x;,y;), still denoted by (x;,y;), converging to

(x,¥) € G x G. When i goes to infinity, we have

which yields 2%1-|Xi — yi|2 is bounded and x = y. On the other hand, we also have

0 < limsup p;(x;, yi) = limsup [u(x:) — v (¥) — Qi] < u(x) = (%) — Q < 0.

17— 00 1—+00

s o % — yi|2 — 0, and d(y;) > d(z;)/2 > 0 for i sufficiently large. In particular, d(y;) =
Wiax — wf/ > 0, and so y; € Q. When ¢ sufficiently large, we can also assume x;,y; € G. The remaining

Thus, x = X

proof is similar with the previous case when X is attained in the sub-domain €2;,,. We present some details
for the readers’ convenience.

- We can still have

Q = limsup (u(x;) — vm(y:)) < limsup Mu(x;) — liminf Mo, (y;) — k/m
; 71— 00

1—00 1—00

< Mu(x) — Moy (x) — k/m,

which is a contradiction according to (B.15).

- Now we can apply Jenson-Ishii Lemma. Consider the maximum point (x;,y;) € G x G of (u—v,, —©;),
for any o > 0, there exists (Dxp;, X) € ﬁ?{ku(xi) and (Dyg;,Y) € fé’_vm(yi) such that (B.16) holds,
and by definition of ¢;, we obtain

Xi —Yi _ Xi —Yi 1, [d(y; 3
waiz( Eiy)+(xiix)3 a‘nd Dy‘ﬂi:*( EZY)d(Zl)< (y)1> )

with 1,, := (1,0,0). Similarly with (B.17), we can have

F (xi,u(xi),()(i;}’i)Jr(xiX)S,X,ju(xi)> < 0,
F <Yi7’Um(Yi)a i - yi) + d:(l;;) (Z((ZZ)) - 1) ,ijUm(Yi)) > k/m.
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Similarly with (B.18), subtracting the above inequalities, and letting ¢ — 0o can derive

kfm < (r+X) (vm(yi) = u(xi) + (Tuxi) = Tom(yi))

. 3
672 ; 3 1 Wmax — w;,
A Y i _q)® , v _q
* (T 2 " 5) (wx w) wmax_w,lz wmax_wzz

i 3
e L e e B
< (4 A) (0m(®) = w(R)) + (Tu®) = Tom(X)  (since i — o)
< (o (X) —u(X)) + A h _(u(w +y,0,T) — v (W + y, 0, 7))
~ (u(®) — v (X)) | bly) dy
< —rQ,
which yields a contradiction.
Combining all these cases concludes the proof. O

By combining the previous results, we finally obtain an characterization of the numerical solutions.
Corollary B.1. For the functions U and v, defined in (5.65), we have T < v in Q;, U Q

Qmin *

Proof. In the proof of Theorem 5.1, we have shown that T (resp. v) is a viscosity subsolution (resp. supersolution)
of equation (3.16) in the sense of Definition B.1. By Proposition B.1, T (resp. v) is also a viscosity subsolution
(resp. supersolution) in the sense of Definition B.3. Here, the region of definition is €, U Q.-

To apply Theorem B.1, we only need to show that 7 (x) and v (x) satisfy condition (B.12) for all x € Q2

noting condition (B.11) is trivially satisfied given the definition (5.65). We describe the main steps of this proof
below.

e Step 1 We prove a strong comparison result for an associated QVI. Note that for w € [Wmin, Wmax),
max(e”, (1 — p)a — ¢) A e trivially becomes max(e®, (1 — pu)a — ¢). We ignore e*> for brevity.

— Step 1.1 Recalling Q' := [Wmin, Wmax] X [@mins Gmax] X {0}, we consider the QVI”
min [v —max(e, (1 — p)a—c¢), v— sup M(v)v] =0, xe Q. (B.19)
7v€[0,a]

We then define the viscosity solution of the QVI (B.19) in the sense of Definition B.3 below®.
Definition B.4 (Viscosity solution of (B.19)). A locally bounded function v € G(2*) is a viscosity
subsolution (resp. supersolution) of (B.19) in QI if for all test function ¢ € G(¥*) NC*(Q~) and for
all points X = (w,a,0) € QI such that (v* — ¢) has a local mazimum on Q¥ at X and v*(X) = ¢(X)
(resp. (vx — @) has a local minimum on QI at X and v,(X) = $(X)), we have

v€[0,a]

min [wc) —max(e”. (1= p)a =) 93— sup ]M<v>v*<f<>] < o
(resp. min lq’)(f{) — max(ew, (1—-p)a—-c), ¢(x) — sup M(7)v. (5()1 > 0.)

A locally bounded function v € G(2*) is a viscosity solution in Q’T’é if it is both a viscosity subsolution

and a viscosity supersolution in Q7.

— Step 1.2 We prove a strong comparison principle for (B.19).

This can be done using similar arguments in Theorem B.1. (Also see [61, Theorem 5.9].) We can then
conclude that, if u(x) (resp. v(x)) is a viscosity subsolution (resp. supersolution) of equation (B.19) in
the sense of Definition B.4, then u(x) < v(x) for all x € Q& .

"When @ = amin = 0, this QVI trivially becomes v — e“ = 0, which can be viewed as a special case.

8For the QVT (B.19), it is possible to fully remove the dependence on 7 in the definition of viscosity solution. However,
to facilitate the proofs for Step 2, we still require that v € G(©2*) in Definition B.4.

9Note that this result requires a similar condition to (B.11), which is satisfied by the function v and v in Step 3.
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1352 e Step 2 We prove that 7(x) and v(x), defined in (5.65), are viscosity subsolution and supersolution of

1353 (B.19) in the sense of Definition B.4, respectively. We will provide details for Step 2 below.

1354 o Step 3 By Step 2 and Step 3, we can conclude that (x) < v(x) for all x € Q. This result shows that
1355 7 (x) and v (x) satisfy condition (B.12) in Theorem B.1. Therefore, applying Theorem B.1 gives the desired
1356 result 7 (x) < v (x), Vx € Qi UQq_ .-

1357 Below, we provide details for Step 2. By definition (5.65), 7*(x) = v(x) and v, (x) = v(x), so we will work with
1358 U(x) and v(x) instead of the envelopes.

1359 e Step 2.1: Using Theorem 5.1 and the equivalence between Definition B.1 and Definition B.2, we have 7(x)
1360 (resp. v(x)) is a viscosity subsolution (resp. supersolution) of equation (3.16) in the sense of Definition B.2
1361 for all x € Oy, C Q.
1362 e Step 2.2 (v(x) is a subsolution of (B.19)): Let ¢ € G(Q*) NC*(2*) and X = (w,d,0) € A be
1363 a point at which (T — ¢)(X) is a local maximum and 7(X) = ¢(X). (We only consider the case when
1364 X € (Wmin, Wmax) X (@min, @max] X {0} below, and the other cases can be treated similarly.)
1365 Define p(w,a,7) := ¢(w,a,7) + C7, where C' > 0 is a constant to be chosen later. Since p(x) > ¢(x)
1366 for all x € O, and p(x) = ¢(x) for all x € Q2 it follows that (v — ¢)(X) is also a local maximum, and
1367 (%) = ¢(%). Thus, by Step 2.1, we have
0 > (For), (% ¢(X), Do(R), D*p(R), Jo(X), M(R))
1369 = min [QST()‘() +C— LX) —Tv&)— sup A (1—e Pu(R) — ¢a(R)) Lia0,
5€[0,C]
1370 $(%) — sup M(7)0(X), #(X) — max (e”, (1 — p)a — c)] .
~€[0,a]
1371 By choosing C' large enough, we have
1372 min l(b()‘() —max(e?, (1 — p)a —c), p(X) — sup M(’y)v(k)] < 0,
v€[0,a]
1373 which implies that (x) is a viscosity subsolution of (B.19) in the sense of Definition B.4 in Q.
1374 e Step 2.3 (v(x) is a supersolution of (B.19)): Similarly, let ¢ € G(Q*)NC*(2*) and & = (0, a,0) € Q2
1375 be a point at which (v — ¢)(X) is a local minimum and v(X) = ¢(X). (We only consider the case when
1376 % € (Wmin, Wmax) X (@min, Gmax] X {0} below, and the other cases can be treated similarly.)
1377 Define ¢(w, a,7) := ¢(w, a,7) — C7, where C > 0 is a constant to be chosen later. Since p(x) < ¢(x) for all
1378 x € 0%, and p(x) = ¢(x) for all x € Q| it follows that (v—¢)(X) is also a local minimum, and v(X) = ¢(X).
1379 Thus, by Step 2.1, we have
1380 0 < (Fax)" (% ¢(%), De(%), D*p(%), Tu(%), Mu(%))
1381 = max [min |be(§<) —C—Lo(X) — TJvx) — sup (1 —e hu(X) — ¢a(X)) 1450y
¥€[0,C+]
1382 ¢(X) — sup M(v)v(i)] , ¢(%) —max (e”, (1 — p)a — c)
~v€[0,a]
1383 By choosing C' large enough, we have that
1384 (%) — max (e’b, (I—pa—c) > 0. (B.20)
1385 By definition of v(%), we have v(%) < max (e?, (1 — p)a — ¢). By the definition of M, we also have
1386 sup M(y)v(X) < sup M(y)max (e”, (1 — p)a — ¢) < max (e?, (1 — p)a —c),
Y€[0,a] v€E[0,a]
1387 which yields that
1388 P(%) — sup M(7)u(X) > ¢ —max (e, (1 —p)a—c) > 0. (B.21)
v€[0,a]
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Combining (B.20) and (B.21), we have that
min | (%) — max(e?, (1 — p)a — ¢), p(%X) — sup M(y)u(%)| > 0,
v€[0,a]

which implies that v(x) is a viscosity supersolution of (B.19) in the sense of Definition B.4 in Q2 .
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